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Signal Processing witfi Reduced Combinatorial Complexity 

This invention relates to signal processing with reduced combinatorial complexity, and to 
various aspects thereof, i.e. to an automated method, an apparatus and a computer 
program for implementing such processing. It is particularly (but not exclusively) 
5 relevant to reduction of combinatorial complexity in radar target tracking. 

Combinatorial complexity (or combinatorial explosion) in signal processing is well 
known. It arises in a situation where there is an evolving set of phenomena for which at 
intervals parameters are determined (e.g. measurements are made) which incompletely 
characterise the phenomena. At each individual interval it is not possible to associate 

10 parameters with respective phenomena unambiguously, in which case from interval to 
interval it is important to make hypothetical associations between phenomena and 
parameters, and derive respective probabilities for these associations expressing their 
likelihood of being correct. This enables errors in monitoring evolution of phenomena to 
be reduced by the smoothing effects of determination over multiple intervals. 

15 Phenomena may evolve in any dimension or set of dimensions, e.g. space and/or time. 
The difficulty is that the number of hypothetical phenomenon/parameter associations in 
a real scenario, i.e. the number of possible combinations, increases exponentially with 
the number of phenomena, far exceeding the capacity of a conventional computer to 
deal with it in real time. In other words combinatorial complexity is too great for 

20 conventional signal processing. 

An example of monitoring an evolving set of physical phenomena is referred to as 
tracking, and is known for a variety of applications. Tracking is commonly implemented 
in the case of spatial motion, e.g. radar monitoring of civil aircraft in flight. It may also be 
used in signal processing (e.g. speech recognition) for choosing between possible 

25 candidate points on a trajectory in a phase space and associated with a signal evolving 
with time. In the case of radar monitoring, the evolving set of physical phenomena is a 
set of radar target tracks and the parameters which are determined are measurements 
of target range and bearing made at regular time intervals by a radar system. The signal 
processing problem in this case is to determine assignments of successive sets of radar 

30 measurements to evolving target tracks and determine associated weights or 
probabilities indicating degree of assignment validity. The possibility must be also be 
taken into account that the measurements may include noise, false negatives 
(undetected taroets) and false oositives (wrongful detection of targets). 
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In IEEE Transactions on Aerospace and Electronic Systems, volume 31(1). pages 
458-468, January 1995, B Zhou and N Bose disclose an algorithm for data association 
in multi-target tracking, i.e. tracking a number of targets using a number of 
measurements and hypothetical tracks. Given initial target positions and measurements 

5 of target positions (e.g. radar range and bearing measurements), the general approach 
of this and other prior art techniques is to derive hypothetical extensions for each track 
and accept, reject or average them on the basis of their probability. However, as Zhou et 
al. point out, unfortunately the number of feasible hypothetical track extensions grows 
very rapidly with increasing numbers of targets and measurements, much more so than 

10 can be accommodated in real-time signal processing at the present time. In 
consequence, research on multi-target tracking has given a lot of attention to improving 
computational efficiency, i.e. reducing the processing burden associated with 
hypothetical track extensions. The Zhou et al. approach is to compute a posteriori 
probabilities of the origins of measurements in the joint probabilistic data association 

15 filter. This results in a technique suitable for parallel processing. 

US Pat. No. 5,537,119 also discloses a technique for multi-target. tracking. It again 
describes the basic approach of using measurements on multiple targets to derive 
possible tracks and associated probabilities or cost functions. This patent describes the 
basic technique of determining observation assignments by minimising a summation 

20 subject to constraints, the summation being of products of a track cost function, 
track/observation indices and a track observation assignment. It states that the only 
known method of solving this is by an approach referred to as "branch and bound", 
which introduces a workload unsuitable for real-time operation. Methods are discussed 
for i-educing complexity by discarding potential tracks on the basis of probability, and 

25 also the iterative use of Lagrangian relaxation to reduce the dimensionality of the 
problem and identify which assignments to discard. 

In "Multitarget-Multisensor Tracking: Principles and Techniques", 1995, Y Bar-Shalom 
and X-R Li disclose an approach to multi-target tracking. A respective set of 
measurements to locate tracks is made at each of a series of time instants. An individual 
30 target track is expressed as a set of hypothetical tracks each with a respective 
occurrence probability. Each hypothetical track is associated with a respective sub-set of 
the measurement set at any instant, and has association probabilities for respective 
measurements in the sub-set. Each association probability expresses the likelihood of 
the respective measurement and track being associated with one another. An important 
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part of the multi-target tracking procedure is to generate an updated set of. hypothetical 
tracks in response to input of each successive set of measurements. 

It is an object of the inventive to provide an alternative form of signal processing with 
reduced combinatorial complexity, 

5 The present invention provides a method of signal processing with reduced 
combinatorial complexity for evolving phenomena associated with obtainable 
parameters, the method including the steps of; 

^a) selecting from the phenomena a current phenomenon which is previously 
unprocessed by the method of the invention; and 

10 b) obtaining a parameter set associated with the current phenomenon; 

characterised In that the method also includes the steps of: 

c) designating a start node as a parent node; 

d) if there is a previously processed phenomenon with at least one existing node not 
yet treated as the parent node, treating the one such existing node as the parent 

15 node instead pf the start node; 

e) selecting a parameter from the parameter set ; 

. f) producing a child node identity associated with the selected parameter; 

g) representing child nodes of like identity for- the selected phenomenon as a single 
node with multiple parameter relationships corresponding to parameters associated 

20 with at least one parent node; 

h) representing child nodes with differing identities as separate nodes; 

i) i) iterating e) to h) for other parameters in the set if available ; 

j) if there remain one or more existing nodes not yet treated as the parent node 
iterating d) to i) until none such remain; 

25 k) iterating a) to j) for other phenomena in the set; and 

I) deriving updated sets of parameter weights associated with respective phenomena 
by iterating over node relationships and identities. 
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The invention provides the advantage that its rate of growth of complexity as a function 
of number of phenomena is lower than that of comparable prior art equivalents, so it 
represents a lower signal processing burden. 

The step of deriving updated sets of parameter weights for phenomena may comprise 
5 the steps of calculating for each phenomenon: 

a) forward weights for the phenomenon's child nodes by summing forward weights for 
respective parent, grandparent etc. nodes (where available) weighted by associated 
phenomenon/parameter weights; 

b) backward weights for the phenomenon's child nodes by summing forward weights 
10 for respective child of child, grandchild of child etc, nodes (where available) weighted 

by associated phenomenon/parameter weights; 

c) a respective through node weight for each parameter relationship of each of the 
phenomenon's child nodes by multiplying its backward weight by a parameter weight 
obtained prior to updating and also by a summation of fonward weights of the child 

15 node's parent nodes associated with that relationship; and 

d) for each parameter associated with the phenomenon, a sum of the through node 
weights of the phenomenon's child nodes for the corresponding parameter 
relationship. 

The method may include the step of normalising the parameter weights for each 
20 phenomenon by dividing each of them by their sum over all parameters associated with 
the phenomenon. The step of producing a child node identity may express it in terms of: 

a) either parameters unavailable for use in connection with subsequently generated 
child node identities, or 

b) parameters remaining available for such use. 

25 The step of producing a child node identity may implemented by calculating an 
intersection of parameters assignable to subsequent phenomena (if unused) with a 
union of an identity of a parent node of a child node of the current phenomenon and a 
parameter expressing a relationship being implemented between the parent and child 
nodes in this iteration: i.e. representing set intersection and union operations by n and 

30 U, then for a current phenomenon Tj. parameter rr\^, accumulated measurements acc(j) 
and parent node identity Ip, the child identity Ich is given by: Ich = accO)n( IpUmk). 
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In a further aspect, the present invention provides a method of signal processing with 
reduced combinatorial complexity to determine trajectories for evolving physical 
phenomena associated with measurable parameters, the method including the steps of: 

a) selecting from the phenomena a current phenomenon which is previously 
unprocessed by the method of the invention; and 

b) measuring a parameter set associated with the current phenomenon; 
characterised in that the method also includes the steps of: 

c) . designating a start node as a parent node; 

d) if there is a previously processed phenomenon with at least one existing node not 
yet treated as the parent node, treating the one such existing node as the parent 
node instead of the start node; 

e) selecting a parameter from the parameter set ; 

f) producing a child node identity associated with the selected parameter; 

g) representing child nodes of like identity for the selected phenomenon as a single 
node with multiple parameter relationships corresponding to parameters associated 
with at least one parent node; 

h) representing child nodes with differing Identities as separate nodes; 

i) iterating e) to h) for other parameters in the set if available; 

j) if there remain one or more existing nodes not yet treated as the parent node 
iterating d) to i) until none such remain; 

k) iterating a) to j) for other phenomena in the set; 

I) deriving updated sets of parameter weights associated with respective phenomena 
by iterating over node relationships and identities; and 

m) determining respective trajectories for the phenomena from the updated sets of 
parameter weights. 

In a different aspect, the present invention provides a method of signal processing with 
reduced combinatorial complexity to determine trajectories for evolving physical 
phenomena associated with obtainable parameters, the method including 

a) associating child node identities with the parameters, 
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b) treating child nodes of like identity for a phenomenon as a single node with multiple 
parameter relationships corresponding to parameters associated with at least one 
parent node; and 

c) representing child nodes with differing identities as separate nodes. 

In a preferred embodiment, the present invention provides a method of tracking targets 
by radar to measure range and bearing parameters and determine associated evolving 
target tracks, the method including 

a) measuring range and bearing parameters; 

b) associating child node identities with the parameters, 

c) treating child nodes of like identity for a target track as a single node with multiple 
parameter relationships corresponding to parameters associated with at least one 
parent node; 

d) representing child nodes with differing identities as separate nodes; 

e) determining updated probability association weights and associated measured 
parameter assignments for the relationships; and 

f) modifying tracks to reflect the updated probability association weights and 
associated measured parameter assignments. 

In another aspect, the present invention provides apparatus for signal processing with 
reduced combinatorial complexity for evolving phenomena comprising means for 
obtaining parameters associated with the evolving phenomena and computer apparatus 
programmed to: 

a) select from the phenomena a current phenomenon which is previously unprocessed 
by the apparatus of the invention; and 

b) obtain a parameter set associated with the current phenomenon; 
characterised in that the computer apparatus is also programmed to: 

c) designate a start node as a parent node; 

d) if there is a previously processed phenomenon with at least one existing node not 
yet treated as the parent node, treat one such existing node as the parent node 
instead of the start node; 

e) select a parameter from the parameter set ; 
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f) produce a child node identity associated with the selected parameter; 

g) represent child nodes of like identity for the selected phenomenon as a single node 
. with multiple parameter relationships corresponding to parameters associated with at 

least one parent node; 

5 h) represent child nodes with differing identities as separate nodes; 
i) iterate e) to h) for other parameters in the set; 

j) if there remain one or more existing nodes not yet treated as the parent node iterate 
d) to i) until none such remain; 

k) iterate a) to j) for other phenomena in the set; and 

10 I) derive updated sets of parameter weights associated with respective phenomena by 
iterating over node relationships and identities. 

In a further aspect, the present invention provides apparatus for signal processing with 
reduced combinatorial complexity for determining trajectories for evolving physical 
phenomena comprising means for obtaining parameters associated with the evolving 
15 physical phenomena and computer apparatus programmed to execute the steps of: 

a) selecting from the phenomena a current phenomenon which is previously 
unprocessed by the apparatus of the invention; and 

b) measuring a parameter set associated with the current phenomenon; 

characterised in that the computer apparatus is also programmed to execute the steps 
20 of: 

c) designating a start node as a parent node; 

d) if there is a previously processed phenomenon with at least one existing node not 
yet treated as the parent node, treating the one such existing node as the parent 
node instead of the start node; 

25 e) selecting a parameter from the parameter set ; 

f) producing a child node identity associated with the selected parameter; 

g) representing child nodes of like identity for the selected phenomenon as a single 
node with multiple parameter relationships corresponding to parameters associated 
with at least one parent node; 

30 h) representing child nodes with differing identities as separate nodes; 
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i) iterating e) to h) for other parameters in the set if available; 

j) if there remain one or more existing nodes not yet treated as the parent node 
iterating d) to i) until none such remain; 

k) iterating a) to j) for other phenomena in the set; 

5 I) deriving updated sets of parameter weights associated with respective phenomena 
by iterating over node relationships and identities; and 

m) determining respective trajectories for the phenomena from the updated sets of 
parameter weights. 

In still another aspect, the present invention provides apparatus for signal processing 
10 with reduced combinatorial complexity to determine trajectories for evolving physical 
phenomena comprising means for obtaining parameters associated with the evolving 
phenomena and computer apparatus programmed execute the steps of: 

a) associating child node identities with the parameters, 

b) treating child nodes of like identity for a phenomenon as a single node with multiple 
15 parameter relationships corresponding to parameters associated with at least one 

parent node; and 

c) representing child nodes with differing identities as separate nodes. 

In a preferred aspect, the present invention provides apparatus for tracking targets 
including radar apparatus for measuring range and bearing parameters and computer 
20 apparatus programmed to determine associated evolving target tracks by executing the 
steps of 

a) associating child node identities with range and bearing parameters measured by 
the radar apparatus, 

b) treating child nodes of like identity for a target track as a single node with multiple 
25 parameter relationships corresponding to parameters associated with at least one 

parent node; 

c) representing child nodes with differing identities as separate nodes; 

d) determining updated probability association weights and associated measured 
parameter assignments for the relationships; and 
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e) modifying tracks to reflect the updated probability association weights and 
associated nneasured parameter assignments. 

In a further aspect, the present invention provides computer software for use in signal 
processing with reduced combinatorial complexity for evolving phenomena associated 
5 with obtainable parameters, the software incorporating instructions for controlling 
computer apparatus to execute the steps of: 

a) selecting from the phenomena a current phenomenon which is previously 
unprocessed using the software of the invention; and 

b) obtaining a parameter set associated with the current phenomenon; 

10 characterised in that the software also incorporates instructions for controlling computer 
apparatus to execute the steps of: 

c) designating a start node as a parent node; 

d) if there is a previously processed phenomenon with at least one existing node not 
yet treated as the parent node, treating the one such existing node as the parent 

15 node instead of the start node; 

e) . selecting a parameter from the parameter set ; 

f) producing a child node identity associated with the selected parameter; 

g) representing child nodes of like identity for the selected phenomenon as a single 
node with multiple parameter relationships corresponding to parameters associated 

20 with at least one parent node; 

h) representing child nodes with differing identities as separate nodes; 

i) i) iterating e) to h) for other parameters in the set if available ; 

j) if there remain one or more existing nodes not yet treated as the parent node 
iterating d) to i) until none such remain; 

25 k) Iterating a) to j) for other phenomena in the set; and 

I) deriving updated sets of parameter weights associated with respective phenomena 
by iterating over node relationships and identities. 

In an alternative aspect, the present invention provides computer software for use in 
signal processing with reduced combinatorial complexity for evolving physical 
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phenomena associated with obtainable parameters characterised in that it incorporates 
instructions for controlling computer apparatus to execute the steps of: 
a) selecting from the phenomena a current phenomenon which is previously 
unprocessed using the software of the invention; and 
5 b) measuring a parameter set associated with the current phenomenon; 

characterised in that the computer software also includes instructions for controlling 
computer apparatus to execute the steps of: 

c) designating a start node as a parent node; 

d) if there is a previously processed phenomenon with at least one existing node not 
10 yet treated as the parent node, treating the one such existing node as the parent 

node instead of the start node; 

e) selecting a parameter from the parameter set ; 

f) producing a child node identity associated with the selected parameter; 

g) representing child nodes of like identity for the selected phenomenon as a single 
15 node with multiple parameter relationships corresponding to parameters associated 

with at least one parent node; 

h) representing child nodes with differing identities as separate nodes; 

i) iterating e) to h) for other parameters in the set if available; 

j) if there remain one or more existing nodes not yet treated as the parent node 
20 iterating d) to i) until none such remain; 

k) iterating a) to j) for other phenomena in the set; 

I) deriving updated sets of parameter weights associated with respective phenomena 

by iterating over node relationships and identities; and 
m) determining i-espective trajectories for the phenomena from the updated sets of 
25 parameter weights. 

In another aspect, the present invention provides computer software for use in signal 
processing with reduced combinatorial complexity to determine trajectories for evolving 
physical phenomena associated with obtainable parameters, characterised in that the 
computer software incorporates instructions for controlling computer apparatus to 
30 execute the steps of: 

a) associating child node identities with the parameters; 
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b) treating child nodes of like identity for a phenomenon as a single node with multiple 
parameter relationships corresponding to parameters associated with at least one 
parent node; and 

c) representing child nodes with differing identities as separate nodes. 

5 In a preferred aspect, the present invention provides computer software for use in 
tracking targets by radar to measure range' and beai-ing parameters and determine 
associated evolving target tracks, characterised in that the computer software 
incorporates instructions for controlling computer apparatus to execute the steps of: 

a) associating child node identities with range and bearing parameters measured by 
10 radar, 

b) treating child nodes of like identity for a phenomenon as a single node with multiple 
parameter relationships corresponding to parameters associated with at least one 
parent node; 

c) representing child nodes with differing identities as separate nodes; 

15 d) determining updated probability association weights and associated measured 
parameter assignments for the relationships; and 

e) modifying tracks to reflect the updated probability association weights and 
associated measured parameter assignments. 

The apparatus and computer software aspects of the invention may have preferred 
20 features corresponding to those of the method aspect. 

In order that the invention might be more fully understood, embodiments thereof will 
ndw be described, by way of example only, with reference to the accompanying 
drawings, in which:- 

Figure1(a) schematically illustrates a radar system suitable for implementing the 
25 invention; 

Figure 1(b) is a simple representation of radar tracks and associated measurements 
made by the Figure 1 (a) radar system; 

Figure 2 shows a generalised prior art tracking system; 
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Figure 3 is a block diagram of a prior art tracker shown in Figure 2; 

Figure 4 is a block diagram showing in more detail a track maintenance stage 
appearing in Figure .2; 

Figures 5 and 6 are block diagrams showing in more detail track maintenance stage 
prior and track maintenance post stages appearing in Figure 4; 

Figure 7 is a block diagram of a computer-implemented process of the invention for 
updating probabilistic association vectors for use in the Figure 4 track 
maintenance stage; 

Figure 8 illustrates combinatorial explosion progressing with number of tracks as a 
tree structure; 

Figures is equivalent to Figure 8 with reduction in combinatorial explosion in 
accordance with the prior art; 

Figure 10 is a block diagram of a computer-implemented track clustering process for 
use in the invention; 

Figure 11 is a block diagram of a computer-implemented measurement accumulation 
process for use in the invention; 

Figure 12 is a flow diagram of computer system operation for a child node identity 
calculation process of the invention; 

Figures 13A to 13E illustrate building of a net using the Figure 12 process; 

Figure 14 is a flow diagram of computer system operation for calculation of fonward 
weights for updating probabilistic association vectors; computer- 
implemented of computer system operation 

Figure 15 is a flow diagram of computer system operation for calculation of backward 
weights for updating probabilistic association vectors; and 

Figure 16 is a flow diagram of computer system operation for calculation of through 
node weights for updating probabilistic association vectors. 
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Referring to Figure 1(a). a radar system suitable for implementing the Invention Is 
indicated generally by 1 , and is shown monitoring aircraft 2. The radar system 1 has a 
radar antenna 3 connected to a signal processing unit 4, itself connected to a computer 
5 controlled by a keyboard 6. The computer 5 is connected to a visual display unit (VDU) 

5 7 and a printer 8. In operation of the radar system 1 , an operator uses the keyboard 6 to 
control the computer 5, and via it the signal processing unit 4, to provide for control of 
the bearing on which the radar antenna 3 produces transmitted radar signals shown as 
waves tw. The transmitted radar signals tw are reflected from the aircraft 2 to provide 
radar return signals, rw. Beamforming in radar, i.e. control of radar transmission and 

10 reception directions, is well known and will not be described. 

The radar return signals are received by the radar antenna 3 and pass to the signal 
processing unit 4: here they are downconverted in frequency to baseband and 
converted from analogue signals to digital signal samples. Radar pulse time of flight 
and hence target aircraft range is obtained by the. signal processing unit 4 by signal 

15 range gating, and target aircraft bearing is obtained from antenna reception direction, in 
a known manner in each case. The computer 5 runs software to implement automated 
target tracking in accordance with the invention (as will be described later in more 
detail) in order to determine target aircraft trajectories over a series of measurements of 
target aircraft range and target aircraft bearing. These trajectories, e.g. 7a, are displayed 

20 on the VDU 7 and may be printed out using the printer 8. 

Referring now also to Figure 1(b), which illustrates a very simple case, a radar track T 
previously determined up to a point P by the computer 5 requires prediction in the light 
of a set of new radar range and bearing measurements made by the radar system 1 and. 
indicated by two points Ml and M2. One iteration of a tracking technique is required to 

25 predict a new extension to a track (not shown). Knowledge of target manoeuvring 
capability indicates that there are three hypothetical track components HO, HI and H2 
which are deducible as extensions based on the existing track T, the measurements IVII 
and M2 and a dummy measurement (not shown) indicating absence of detection or no 
measurement. The tracking problem is to distinguish between the hypothetical tracks HO 

30 to H2 and obtain a new predicted track. In a real radar application there might be 
hundreds of tracks and thousands of measurements per measurement set. 

Although it is possible to carry out target tracking on the basis of one input track per 
target as illustrated in Figure 1(b), in practice multiple hypothetical input tracks (input 
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track distribution) associated with respective occurrence probabilities are employed per 
target, and multiple hypothetical output tracks (output track distribution) and probabilities 
are predicted. This is because it is normally not possible to determine a track 
adequately from one measurement set, as the probability of the most probable 
hypothetical track may not differ greatly to those of others. Moreover, track probability 
may increase or reduce from one iteration to another. This makes it desirable to 
preserve a variety of possible tracks whose number and probabilities may vary between 
successive iterations. A target track therefore embraces a number of possibilities 
expressed as a set of hypothetical tracks or "components" each incorporating a 
respective occurrence probability or "weight". The target track therefore becomes 
represented by a vector of components, each component being associated with a 
respective weight expressing its probability. The weights sum to unity and each 
component is itself represented by a probability distribution such as a Gaussian function. 
Each component has a vector element representing its last determined position and a 
15 vector element representing the covariance of the vector elements of that position. The 
position is referred to in the art of tracking as a "mean", albeit strictly speaking it is not 
obtained by averaging over a set of position values, and the covariance represents its 
•uncertainty. Each component also contains a weight together with a history of 
measurements (identified by measurement indices) with which the component has been 
20 inferred to be associated in the tracking process. It also has a history of models (e.g. 
straight, turning) which have been inferred as corresponding to shapes of parts of the 
component's trajectory between successive measurement sets. 

There are normally multiple measurements of a track distribution at each iteration or 
time step: the number of measurements in each set obtained at each iteration is 

25 designated Nm and the ith measurement is designated Zi. To model the fact that each 
track may have no associated measurement and consequently be undetected, a dummy 
measurement is introduced: i.e. i = 0 is treated as associated with an undetected target. 
When I is In the range 1 to Nm. a target is treated as being detected and is associated 
with the ith measurement. The assignment of tracks to measurements is assumed to be 

30 susceptible to decomposition into an assignment for each of a number Nt of tracks. The 
measurement to which the jth track is assigned is denoted ij. As will be described later in 
more detail, gating is used to select a respective subset of the Nm measurements for 
association with each track which are considered candidates for the assignment. Each 
subset is made up of the dummy and those measurements that lie in high probability 
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regions of the respective target's likely location. This assignment of measurements can 
be represented as an indicator vector, Qj, with Nm +1 elements tWy : 

Slj=[Q)oj,a)tj, xo^^j] (1) 

1 I = i, 



where cOy = 



0 iJj (2) 



(Oij = 1 represents the Ith track being assigned to the jth measurement; coij = 0 the ith 
track is not so assigned; and cooj is 1 or 0 according respectively to whether or not a 
target is to be regarded as undetected, cuqj = 1 indicating assignment to the dummy 
measurement. 

The collective assignment for all tracks can then be represented as an indicator matrix, 
Q., where each row is an indicator vector Q., as above, and Q. is given by: 



(3) 



where superscript index 7 indicates a transpose. 



It is assumed that each measurement is assigned either to no track or to one track, and 
that each track is assigned to no measurement or one measurement. These 
assumptions are reflected in Equation (4) and (5) below on the indicator matrix elements 
Q)ij with the exclusion of the first matrix column with elements of the form cu^. 

First assumption: for each individual measurement (specific value of i other than 0), the 
sum of matrix elements coy for all the Nt tracks must be less than or equal to 1 . since 
each measurement is assigned to at most one track, i.e.: 

X^Wtf SI. i = 1 ....Nm (4) 
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Second assumption: for each individual track (identified by a respective value of the 
index j), the sym of matrix elements oJij for all the Nm measurements must be equal to 

1, since each track is assigned to exactly one measurement (either an actual 
measurement or the dummy measurement). I.e.: 

5 Z^/y =1. ] = - Nt (5) 

i=0. 

Referring now to Figure 2. at a high level of generality, a prior art multi-target tracking 
system 10 comprises an Input unit 12 such as a radar system providing a respective set 
of measurements for each system Iteration. The measurement set passes to a tracker 
unit or computer 14, which uses it in conjunction with a track distribution previously 

10 derived for an immediately preceding iteration (input track distribution) to derive a new 
' predicted track distribution (output track distribution). The output track distribution 
passes to an output 16 for display on a visual display unit (not shown). The system 10 
iterates this process for successive sets of measurements. A sequence of sets of tracks 
is obtained in this way to provide plausible trajectories for targets Inferred from the 

15 sequence of sets of measurements. The output 16 uses this sequence to display, as 
target tracks. 

The function of the prior art tracker 14 is shown in more detail In Figure 3. It incorporates 
computer software to implement four stages 14A to 14D. . Stage 14A is a track 
maintenance stage which maintains and updates target tracks. At each time step or 

20 ' iteration of operation, track maintenance 14A receives input of a set of measurements of 
a track distribution at 17 and newly calculated hypothetical track components at 18 frbm 
stage 14B, a track initiation stage. The track maintenance stage 14A passes the track 
components to stage 14C, a track termination stage, and receives in response decisions 
on whether or not to terminate each track. It deletes tracks to be terminated, and selects 

25 a subset of the input set of measurements for use as candidate measurements for new 
tracks and passes them to the track initiation function 14B for use in the next iteration. 
The track initiation function 14B uses a sequence of such measurement subsets to 
derive new candidate tracks. From previous measurements, the track maintenance 
stage 14A obtained equivalent earlier track-measurement associations with probabilities 

30 given by weights. It outputs these associations and weights to stage 14D. a track talking 
stage, and receives in response updated equivalents. In the prior art, the function of the 
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track talking stage 14D has proved difficult to implement in automated form using 
conventional computer techniques: this is because computation grows exponentially as 
the number of tracks increases. In the present invention this function is carried out by a 
new approach which reduces the computational burden, as will be described later in 
5 more detail. 

For each track, the track maintenance stage 14A makes predictions of new track 
components, rejects or "gates" track components of insufficient probability, and updates 
an Input track distribution to form an output track distribution. Each prediction 
calculation operates independently on each track component and calculates a 
respective weight. It takes the input track distribution and produces a revised track 
distribution for assessment by the gating process. Each component may be predicted 
according to a single transition model (such as a constant velocity model) or 
alternatively a number of components could be spawned (as in the interacting multiple 
model) and generalised pseudo Bayes algorithms, in which several transition models 
are used. The prediction could further be based on a linearisation as with the extended 
Kalman filter, or alternatively on a deterministic sampling scheme as with the Unscented 
Kalman Filter. 
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The gating process in the track maintenance stage 14A compares each measurement in 
the current measurement set with each track component in the revised track distribution 
obtained in the prediction process, and finds a respective subset of the measurements 
that are "near" to the track component. To determine whether or not a measurement is 
near to a track component, a model of the measurement scenario is used. The model 
expresses constraints that apply to the track. In monitoring civil aircraft by radar for 
example, the constraints would be associated with aircraft maximum and minimum 
velocity, rate of climb, dive, turn and bank. The gating process output is a respective 
subset of nearby or gated measurements inferred to be associated with each track 
component; each measurement has an associated weight, and the weights in each 
subset sum to unity. Each track component in the revised track distribution is now 
associated with a respective subset of measurements, and each output track distribution 
is then derived by the track maintenance stage UA-from these track components and 
their respective measurement subsets and passed to output at 19. There may be 
multiple track components that relate to the same measurement: in such cases the 
weight of the measurement is the sum of the weights of the components. Gating could 
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be implemented by finding all measurements with a high likelihood based on the 
predicted track or a (single) Gaussian approximation to it. 

Referring now also to Figure 4, the track maintenance stage . 14A is shown in more 
detail. New track components received from the track initiation stage 14B are input to an 
add tracks stage 20, which adds the components to a track database indicated by boxes 
labelled T1 to TN. A track maintenance prior stage 22 receives input of the current set 
of target measurements at 24 and all tracks in the database. For each track in the 
database, the track maintenance prior stage 22 conducts a step referred to as single 
track, track maintenance prior: this step takes the track in each case and modifies it by 
predicting it forward in time to the time of the current input measurements. For each 
track this step outputs a modified track and weights indicating probabilities of 
association of the track with measurements in a subset of the current input 
measurements. This indicates a subset of current input measurements which apply 
to the track, so that measurements outside the subset need not be considered further for 
this particular track to reduce computation. The subset for each track includes an 
element corresponding to the j = 0 index associated with no measurement being 
applicable to the track. 

Probability association (PA) weights and measurements associated with a current track 
passes to a collate PA weights stage 26, which collates the weights and passes them at 
20 28 for updating by the track talking stage 14D. Updated weights return at 30 from the 
track talking stage 14D. They pass to a distribute updated PA weights stage 32, which 
distributes them appropriately between tracks T1 to TN and passes them to a track 
maintenance post stage 34. It is not essential to use earlier weights in generating 
updated equivalents, the latter may be derived independently as will be described later. 

25 The current set of measurements are also input at 36 to the track maintenance post 
stage 34, which also receives input of the modified tracks produced by the track 
maintenance prior -stage 22. For each track, the track maintenance post stage 34 
conducts a step referred to as single track, track maintenance post: this step updates 
the track on the basis of the measurements using the updated weights. 

30 Each track updated at 34 is added to the track database and also passes to a deletion 
management stage 38, which sends it to the track termination stage 14C for a decision 
on whether or not it is to be terminated. Tracks for which the decision is to terminate are 
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removed from the track database. The deletion management stage 38 then outputs the 
tracks remaining in the track database at 40. 

Figure 5 shows the track maintenance prior stage 22 in more detail. It has a model 
augmentation stage 50 which takes an input track from the database and modifies it to 

5 reflect ambiguity over which tracking model or models could be relevant to it. In a radar 
example, a target turning or a target continuing in a straight line would be relevant 
models, and the possibility of both must be preserved if one cannot be eliminated by 
measurement or constraint. A modified track is output to a mixture reduction stage 52, 
which simplifies the representation of the track so as to avoid a combinatorial explosion 

10 over the number of models that are active over the history of the track: i.e. if there are p 
models and tracking has been carried out over q time steps, there are p" possibilities per 
track, which grows exponentially with time. 

The track input from stage 50 is modified, and the modified track is output to a prediction 
stage 54. The prediction stage 54 uses the tracking models assumed to be relevant to 

15 predict the track forwards in time, and passes the resulting track to a gate formation 
stage 56. The gate formation stage 56 takes the track from stage 54 and forms a gate or 
gating region which defines a measurement space region in which it is likely that 
measurements relating to this track will be. The gating region so produced and the 
associated track is output to a gating stage 58, which also at 60 receives the current set 

20 of measurements from the input to the track maintenance prior stage 22. The gating 58 
determines which of the measurements are gated, i.e. within the gating region, and 
which are not: the gated measurements are output with the associated track, but those 
outside the gating region are not. 

An association probability calculator stage 62 takes the set of gated measurements and 
25 the associated track and derives from them probability association weights and a 
modified track that includes ambiguity regarding to which measurement the track is 
assigned. The weights provide probabilities that respective gated measurements are 
associated with the track, and a probability that none of the measurements is associated 
with the track. Weights and associated modified tracks are output as described earlier. 

30 Figure 6 shows the track maintenance post stage 34 in more detail. It has a reprojection 
stage 70 which takes each track and its respective updated probability association 
weights and associated measurement assignments and modifies the track to reflect the 
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updating. The track so modified and the current set of measurements pass to an update 
stage 72, which updates the track on the basis of the current set of measurements 
received at 73. The updated track is processed in a mixture reduction stage 74, which 
simplifies the track's representation to avoid a combinatorial explosion over the history of 
5 associations of a track with measurements that relate to the track: i.e. if there are p 
measurements and tracking has been carried out over q time steps, there are p^ 
possibilities per track, wNch grows exponentially with time. A modified version of the 
updated track is output. 

Figure 7 is a block diagram of a series of computer-implemented (automated) stages or 

10 steps providing a track talking stage 14D of the invention. It includes an order tracks 
stage 80 which receives input of probability association weights and measurements for 
respective tracks. It creates for each track a respective vector, which is defined for the 
purposes of this specification as a probabilistic association vector: this vector has 
elements each of which is a combination of a measurement index identifying a 

15 measurement and a weight indicating the probability that the measurement is associated 
with the track. It generates a list of probabilistic association vectors for respective tracks 
and reorders them in a way that is advantageous for its subsequent stages. Each 
probabilistic association vector is labelled to indicate its place prior to reordering to 
relate the reordered list to that prior to reordering. The reordered list is used in a "make 

20 net" stage 82, which is an important feature of the invention because it reduces 
computational burden significantly. The stage 82 produces what is referred to herein as 
a net representation that makes it possible to calculate quantities of interest more 
efficiently. This will be described later in more detail. The reordered list of vectors and 
the net are used in a fonwards pass stage 84, which recurses down the net generating 

25 downward probabilities associated with nodes of the net as it proceeds. This generates 
a first set of updated node probabilities. A backwards pass stage 86 also uses the 
reordered list of vectors and the net. and it recurses in a reverse direction, i.e. up the 
net, generating upward probabilities associated with nodes of the net as it proceeds. 
The backwards pass stage 86 generates a second set of updated node probabilities. 

30 Both sets of probabilities associated with nodes are used in a sideways pass stage 88, 
which processes them to generate updated probabilistic association vectors for output at 
90 to. the track maintenance stage 14A. 

A tracking system such as a radar produces a series of measurements each of which is 
a vector comprising an estimate of a range of a target from the radar and the bearing of 
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the target from the radar with respect to North. The ith measurement at time t is a vector 
2i(t) having two elements, range Zi(1 ,t) and bearing 2j(2,t). 

As has been said, a track is represented as a set of components which are candidate 
tracks or possible tracks. The track itself is represented mathematically as a vector of 

5 components each incorporating a weight or occurrence probability and associated with a 
history of measurements, a history of models and a mean and a covariance. The 
covariance of a vector Is a matrix having diagonal elements which are squares of 
standard deviations of respective elements of the vector. The matrix has off-diagonal 
elements which are correlations between pairs of elements of the vector, i.e. matrix 

10 element my is the correlation between vector elements Vj and vj. The jth track has Lj 
components. The kth of the components for the jth track has a mean which is a 4x1 
vector /77/,fc and a covariance which is a 4x4 matrix, Q.^. The mean has vector elements 
which are x-position, x-velocity, y-position and y-velocity in a two-dimensional Cartesian 
co-ordinate system. Velocity is not measured directly: it is deduced from the sequence 

15 of positions indicated by successive x and y values. A component's weight is i/v^,* and the 
weights for each track's components sum to unity, i.e.: 

^w^.^ =l.j = 1...NT (6) 

The track termination stage 14C is a published technique, see Bar-Shalom et al. 
mentioned above. It detemriines whether or not a track should be deleted by calculating 
20 the determinant of the overall covariance of the track. The overall track covariance Q is 
calculated from its components' weights W/,/,., mean$ nii^and covariances Qjir-as follows: 

= 2^M-('"y.*- -mjXmjk.-mjf + Cj^,. (7) 

k* 

where ntj = ^Wj^mj^ is the overall track mean value and superscript T indicates a 
*• 

transpose as before. 

25 If the determinant |C/| of matrix Q is greater than a determinant |Ct| of a comparison 
matrix Cr then the track is deleted. Cr is chosen by experience: i.e. the process of the 
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invention is run with a series of trial values of Cr, and the value giving optimum results is 
chosen. 

The track initiation stage 14B is available in published literature, see Bar-Shalom et ai 
mentioned above. It stores a current set of measurements and a set of measurements 

5 input in a time step (t-1) immediately preceding the current time step (t). It initiates tracks 
on "nearb/* pairs of measurements, each pair containing one measurement from each 
of the two sets: here the expression "nearby" means that the two measurements in a 
pair have between them a Mahalanobis distance which does not exceed a threshold. 
The Mahalanobis distance drc of the ith measurement Zi{t) in the current measurement 

10 . set at time (t) to the i'th measurement zr(t'}) in the preceding set at time (t-1) is defined 
as: 

dir = it) - z,\t - lyfN^' {Zi (0 - Zi^it - 1)) • (8) 

where N is a covariance matrix that weights bearing and range. N is chosen by 
experimentation by running the process of the invention using a set of trial values and 
15 selecting the value giving optimum results. The criterion for an acceptable measurement 
pair as a candidate for use in track initiation is: 

where dn is the Mahalanobis distance threshold referred to above: rf^ is chosen by 
experimentation as indicated for earlier quantities such as N. All pairs of measurements 

20 from the two sets are considered in turn. When a pair is found to be nearby, both 
corresponding measurements are no longer considered candidates for initiation of 
additional new tracks; this prevents multiple tracks being initialised using the same 
measurement. For each pair of measurements accepted as candidates for use in 
initiation, a respective track is produced and passed to the track maintenance stage 14A 

25 as discussed earlier. 

Initiation tracks are estimated from nearby measurement pairs using a published least 
squares approach, see Bar-Shalom et al. above. Given a nearby pair consisting of a 
measurement z(t) at time (t) and a measurement z(U1) at time (t-1), a track is initiated as 
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a new single component which is a line through the nneasurement pair and has a mean 
m and a covariance C, where: 



m = A 



H 
HA 



(10) 



C = A 


'H{H^x{t-l)) 




R 0' 


'HiH^xit-i)) 




H{Wxit))A 




0 R 


H{Wxit))A 



A^ 



(11) 



where M = (MM^)'^M^ is the pseudo-inverse of matrix M, M representing the first 
matrix (involving ^) on the right hand side of Equation (10); R is a covariance matrix of 
measurement noise, which defines the accuracies of the measurements of bearing and 
range, superscripts T, -1 and - f 7 represent a transpose, an Inverse and a transpose of 
an inverse respectively, and: 



10 



x(f-\) = 



z(l,r-l)sin(z(2,f- 
z(l,?-l)cos(z(2 



U-1))J 



(12) 



z(l,0sin(z(2,0)' 
?(1.0cos(z(2,0) 



(13) 



i.e. x(t) and x(t-1) are Cartesian equivalents of the polar co-ordinate vectors z(t) and z(t- 
1) (range/bearing) defined eariier. 



H = 



10 0 0 
0 0 10 



(14) 



15 Hiw) = 



vf(l) 



w(3) 



0 
0 



vf(3) 



. MX) 
wilf + w(3)^ 



(15) 



where w(1 ) and w(3) are respectively first and third elements in a vector w, and w 
represents any expression within parenthesis immediately following H. 
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A = 



1 r 0 0' 

0 10 0 

0 0 1 r 

0 0 0 1 



(16) 



where 7 is the time difference between measurements z(t) and z(t-1) in units of a 
sampling interval. As has been said the mean of a component vector has four elements, 
x-position, x-velocity, y-position and y-velocity. The target velocity V, at time (t) is 

5 . assumed equal to that at (t-1) (constant velocity model). The position for the track at 
time (t) is derived from the position at time (t-1) from a vector sum of the product vector 
VjTwith the vector representing the (t-1) position. There are four measurements and 
four unknowns, the positions and velocities at time t-1, which are here assumed to 
define the positions and velocities at time t; the motion is assumed deterministic for the 

10 initiation. Four equations in four unknowns are solvable for the unknowns. The new track 
generated in track initiation (a single component) is the line joining the positions at times 
(t) and (t-1). It is assigned a weight of 1.0, and given a measurement association history 
and a model history which both have no entries. 

More detailed descriptions of process stages described earlier will now be given. Model 
15 augmentation 50 (see Figure 5) is part of track maintenance prior 22, which itself is part 
of track maintenance. Two dynamic models, models 1 and 2, are disclosed in published 
literature for radar target tracking (see Bar-Shalom et al. mentioned above): model 1 
caters for straight line target motion and model 2 .caters for target turns. Transitions 
between models 1 and 2 are governed by a 2x2 Markov switching matrix with elements 
20 p(a|b), where the abth element is the probability of switching to model a (after) from 
model b (before). 

Model augmentation 50 considers each current component in the track in turn in order to 
generate a modified version of the track, in which two new components result from each 
current component because two models are in use. More generally there will be as 

25 many new components per current component as there are models. As has been said, 
each component contains vector elements representing its evolution over time, element 
mean and covariance, and weight. It also contains histories of measurements 
associated with it and models (e.g. straight, turning) of successive parts of its trajectory. 
The first new component generated In model augmentation 50 is largely a copy of the 

30 elements of the associated current component, except that it has a model history which 
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is that of the current component extended with model 1 and a weight which is the 
current component's weight multiplied by p(1|b). Here'b is the most recent model in the 
original components' model history, and p(1|b) is the probability of switching to model 1 
from model b and is taken to be unity if the model history is empty. The second new 
5 component is also largely a copy of the elements of the associated current component, 
except that it has a model history extended with model 2 and a weight which is the 
current component's weight multiplied by p(2|b). Once all the components have been so 
processed, the weights of all the new components are then normalised to sum to unity 
by dividing each of them by the sum of all. 

10 The model augmentation step 50 is followed by the mixture reduction stage 52, which is 
implemented by an approach disclosed in published literature and referred to as an 
interacting multiple model. See Bar-Shalom et al. mentioned above. New components 
generated in the model augmentation step 50 are divided into individual sub-sets S such 
that all the components in each sub-set share the same most recent element in their 

15 model history and the same measurement association history. Empty association 
histories are taken to be the same. Components with no model history element the 
same as that of another are taken to be different to all other components. For 
components so selected in the sub-set S each indicated by a respective component 
index k', a respective overall sub-set weight Wj s . mean mj^s and covariance Cj s are 

20 calculated from equivalents for those components as follows: 

»*'y.s = S'^M- (17) 

k^S 

'"i.s =S'^M'"y.*- (18) 

k'&S 

^J.s = Z - '">.s )(-^j.k' - r^j^sY + Cj^,. (19) 

Where k'eS means the summation is only over components selected for the sub-set S 
25 (not necessarily in sequence because of the selection process), and rhjj,^ and are 
the mean and covariance of the k\h predicted new component obtained for the track in 
model augmentation 50. Equations (17) to (19) give the weight, mean and covariance of 
a mixture-reduced component which replaces the subset of components. The mixture- 
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reduced component has a measurement association history which is the common 
association history of the sub-set components, and a model history which is their 
common most recent model history element. This is repeated for the other sub-sets of 
the track, and then for other tracks. It results in the number of components per track 
5 being reduced to the number of sub-sets S. 



The mixture reduction stage 52 is followed by the prediction step 54. Mean nij ^ and 
covariance Cjj^ obtained for each track in mixture reduction 52 are predicted forwards 

in time to obtain further predicted equivalents rhjj^ and Cj ,, using Kalman filter 

relations published by Bar-Shalom et al. mentioned above, and this is implemented 
10 according to a constant velocity model from the same publication as follows: 



(20) 
(21) 



where superscript index T indicates a transpose and: 
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15 and Qjj^ = 
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(23) 



where T is the time between the two most recent sets of measurements and a ; «. is a 
parameter indicating the size of the deviations from straight line motion: ^ is arrived 
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at by experimentation with trial values to determine optimum values. Its value for a 
component with a most recent model history element of model 1 (turn) taken to be 100 
times larger than its value when that element is model 2 (straight line). Predictions 
produced at 54 are output to the gate formation stage 56, to an association probability 
5 calculator stage 62 and at 55 to track maintenance post 34 (not shown). 

Calculations in the gate formation and gating stages 56 and 58 are as follows. For each 

component, a predicted measurement zj^/c associated covariance is iyj^ is 

calculated using Kalman filter equations published by Bar-Shalom et al. mentioned 
above, as follows: 

10 ^j^=K^ik) (24) 
5,., =//(m;,,)cj;,//(mf^^/ +/? (25) 

where mj^^ and Cj^^ were obtained from Equations (20) and (21), R is the covariance 

matrix of measurement errors and in the case of measurements of range and bearing (in 
radians): 



15 h(x) = 



,an-i2) 

^(1) 



(26) 



where x = rhjj^ , where x(1), x(2) and x(3) are the first second and third elements of 
vector X, x(1 ) Is x position, x(2) is x-velocity and x(3) is y-position; x also has a fourth 
element (x(4) which is y- velocity, and H(x) is a matrix which is the derivative of h(x) with 
respect to x. Each element in H(x) is the derivative of an element of the measurement 
20 with an element of the state, so the elements in the first row are the derivatives of the 
range with respect to the x-position (x(1 )), x-velocity (x(2)), y-position (x(3)) and y- 
velocity (x(4)) and similariy for the second row (bearing) : 
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H{x) = 



x(2) 



0 -■ 



;c(l)^+;c(3)' 



0 



(27) 



10 



The gating process uses the values obtained from Equations (24) and (25) to define a 
set of regions in a measurement space: each region is centred on a respective predicted 
measurement ^ and has a region boundary established by the covariance i 
associated with that measurement. As indicated earlier the indices j, k indicate a 
measurement efc. being associated with the kth component of the jth track. There is one 
such predicted measurement and covariance for each component. To establish whether 
or not the ith measurement Zj is within a gate associated with the kth component of the 
jth track, a Mahalanobis distance djj^.j (a known mathematical quantity) is calculated for 
that component using the following expression: 



0.*:* = (2/ ~ Zy.* f iZi ~ Zj^k ) 



(28) 



15 



If dj f,.^ is not greater than a predetermined threshold dr, the measurement is taken to be 
in the gate of the component. A measurement is taken to be in the gate for a track if it is 
in the gate of any of the track's components. The threshold dr is determined using a 
series of trial values in the process of the Invention and selecting a value which 
experience shows gives optimum results. 



20 



25 



The association probability calculator stage 62 follows the gating stage 58. A 
probabilistic association vector is a vector of probabilistic associations: it has elements 
each of which is a measurement and an associated weight giving a probability that the 
measurement is associated with a track under consideration. The measurements are 
those which have survived the gating stage 58 together with a dummy measurement 
associating the track with no measurement. The probabilistic association vector for a 
track covers all the track's components in terms of association of the track with 
measurements. Multiple components may contribute to the same element in the 
probabilistic association vector if they have the same association history but a different 
model history. 
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To calculate a weight picOj^) for the Ah measurement in the probabilistic association 
vector of the /Ih track, this vector Is calculated for each component of a track. . The 
probabilistic association vector of the track itself is the sum of the probabilistic 
association vectors for the track's components each weighted by the respective 
component's weight. The weights of the elements of the probabilistic association vector 
for the track are then normalised to sum to unity across the vector by dividing each of 
them by their total sum. 

For each component of a track, a respective probabilistic association vector is to be 
calculated. Elements of this vector are calculated by firstly estimating a clutter density as 
in the non-parametric probabilistic data association filter (PDAF) published by Bar- 
Shalom et al. mentioned above. The clutter density is estimated as being the total 
number N of measurements In the gates (see stages 56/58) of all components of the 
track divided by the volume of the largest gate (as described earlier, a gate is 
considered to have a volume or gating region which defines a measurement space 
region within which acceptable measurements for the corresponding component must 
lie). The gate volume Vy,* associated with the kth component of the jth track is given by: 



S 



jA (29) 



Where C„^ is the volume of the unit (radius) hypersphere in a measurement space 

having nj dimensions; in the case of measurements with two dimensions, bearings and 
range, n^ = 2, and C„^ is equal to nr^. I.e. 7t for r = 1 . 

The probabilistic association vector of the kth component of the jth track has a dummy 
measurement weight wnd (ND = no detection) and a weight W/,^-/ for an association to ith 
measurement Zi as follows: 



(30) 



(31) 



wo 2005/003812 



PCT/GB2004/002703 



Where Po is the probability of detection, Pq is the gate probability, i.e. the Chl-Squared 
cumulative distribution function (CDF) with n^ degrees of freedom evaluated at dr, V^ax 
is. the largest value of Vy,* for all components (index k) of the jth track, N is the number of 
measurements in the gate, and NiZi.Zj^kJj^k) 's the multivariate Normal distribution 

5 evaluated at z,. The probabilistic association vector of the track itself is the sum of the 
probabilistic association vectors for the track's components each weighted by the 
respective component's weight. The weights of the elements of the probabilistic 
association vector for the track are then normalised to sum to unity across the vector by 
dividing each of them by their total sum. This produces normalised weights p(Q)ji) as 

10 described in the prior art by Bar-Shalom et al, and not described in detail here. 

A multivariate Normal distribution N(x;m;C) with mean m and covariance C evaluated at 
X is defined in the prior art as follows: 



15 required NiZiiZj^i^Sjj,). 

The track maintenance post stage 34 will now be described in more detail. In its 
reprojection stage 70, for each component in the track, a probabilistic association vector 
is calculated as previously described. The track's probabilistic association vector Is also 
calculated as previously described from its components' probabilistic association 
20 vectors. 

For each pairing of a component of a current track with an element in the current track's 
probabilistic association vector, a respective new component is generated in modifying 
the current track In the track maintenance post stage 34. Since the probabilistic 
association vector elements contain measurement Indices for all measurements within 
25 the current track's gate, the number of new components for each track is the product of 
the number of current track components and the number of measurements within the 
respective gate. The model history, mean and covariance of each new component are 
those of the respective current component. The association history of each new 




(32) 



Substitution of , ij ,^ and Sj^^ for x, m and C respectively in Equation (32) gives the 
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component is that of the respective current component augmented with the association 
corresponding to the measurement in the associated element in the probabilistic 
association vector. 

To derive the weight of each new component, a weight is employed of an associated 
5 element of an associated updated probabilistic association vector obtained in track 
talking 14D by modifying the probabilistic association vector used earlier in this stage 
34. The associated element of the associated updated probabilistic association vector is 
that having the same measurement index as the probabilistic association vector but 
modified weight. The weight of each new component . is then calculated as the weight of 
10 the respective current component multiplied by the weight of the associated element in 
the component's probabilistic association vector multiplied by the track's associated 
element ratio. The track's associated element ratio is the ratio of the weight of the 
associated element in the track's probabilistic association vector to the weight of the 
associated element in the track's updated probabilistic association vector. Repeating this 
15 for each pairing of a current track component and current track probabilistic association 
vector element produces a set of new components for the track, and then the whole 
procedure is repeated for all tracks. 

The update stage 72 follows the gating stage 70. For each component in the track, the 
update stage 72 uses Kalman filter update equations published by Bar-Shalom et al. 
20 mentioned above. The next step is to calculate a new mean m^^ and covariance C^^^ 
from predicted equivalents derived earlier - see Equations (21), (22), (25) and (26). If the 
association relates to a measurement, Z\ (as opposed to no detection being inferred), the 
following equations are used for these calculations: 

"^j.k = + Pxz S j,k iZi-Zj^k) (34) 

25 Cfk=Cj^k-PxzSj!kPxz^ (35) 
where 



(36) 
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If the association inferred is that no detection took place then: 

"^Ik^^U (37) 



=Cj^k (38) 

The mixture reduction stage 74 follows the update stage 72. In accordance with Bar- 
5 Shalom et aL mentioned above, for each track, respective sub-sets of track components 
are defined by the two criteria that all components in a set that have the same model 
history and the same most recent element in their association histories (so are attributed 
to the same measurement). Mixture reduction Equations (18) to (20) are used to deduce 
the weight, mean and covariance of each of these sub-sets of components. A modified 
10 track is then produced which contains components each associated with a respective 
sub-set. The. weight, mean, covariance and model history of each component are taken 
to be those of its sub-set. The association history of the sub-set is simply the most 
recent association common to the components. 

For illustrational purposes, a description of a simplified track talking procedure will be 
15 given, with four target tracks and fogr radar measurements treated as being real and 
one as a dummy (no detection) measurement. The real measurements are indexed 1 , 2, 
3 and 4 respectively and the dummy measurement is indexed 0 as before. The gating 
process 56/58 is assumed to have gated measurements for each track, so that the 
tracks 1 to 4 have possible measurements associated with them given by the table 
20 below. 



Table 1 



Track Number 


Gated Measurement Indices 


1 


0.1.2.3 


2 


0. 2. 3 . 


■ 3 


0. 3.4 


4 


0,4 
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The dummy measurement with index 2ero is a valid possibility for all tracks and Is 
attributable to all tracks. However it is. assumed that real measurements 1 to 4 are only 
attributable to respective single tracks, in which case once such a measurement has 
been assigned to one track it cannot be assigned to another (see Equations (4) and (5)). 

5 It is convenient to illustrate potential valid track/measurement associations and their 
diversity as a tree, as shown in Figure 8 and indicated generally by 100. Here an origin 
102 at a first (uppermost) horizontal level 104 represents a start point at which no 
measurements are as yet associated with tracks. The possibilities that track 1 may be 
associated with measurement 0, 1, 2 or 3 are represented by lines such as 106 joining 

10 the origin 102 to points indexed 0, 1, 2 and 3 respectively all on a second horizontal 
level 108. The possibilities that track 2 may be associated with measurement 0. 2 or 3 
are represented by lines such as 1 10 joining each second level point to a respective set 
of points indexed 0, 2 and 3 all on a third horizontal level 112. The possibilities that track 
3 may be assopiated with measurement 0, 3 or 4 are represented by lines such as 114 

15 joining each third level point to a respective set of points indexed 0, 3 and 4 all on a 
fourth horizontal level 116. The possibilities that track 4 may be associated with 
measurement 0 or 4 are represented by lines such as 1 18 joining each fourth level point 
to a respective set of points indexed 0 and 4 ail on a fifth horizontal level 120. 

It is now convenient to define additional terminology. A point in the tree 100 with an 
20 index 0, 1, 2. .3 or 4 and the origin 102 are referred to as a "node". A "parent" node is 
defined as a node connected to one or more other nodes on one horizontal level 1 08, 
112, 116 or 120 further down. A child node (plural children nodes) is a node which is 
connected directly to a parent node, and a (great) grandchild node is (a child node of) a 
child node of a child node etc. A grandparent node is a parent of. a parent node, 
25 similarly great grandparent nodes etc. A relationship is defined as a connection such as 
110, 114 or 118 between parent and child nodes representing an association of a 
measurement with the same (descending) track. The tracks are considered in turn and 
for each track a nod.e created for each combination of nodes for the previous track and 
measurement that does not cause any measurement to be used more than once. 

30 In the tree 100, the origin or start node 102 is the parent for the first track's four second 
level child nodes representing possible measurements 0. 1, 2 and 3 being associated 
with the first track. The first track's four child nodes are also parent nodes for respective 
second track's third level child nodes, which represent possible measurements for the 
second track given the parent node's measurement for the first track. When possible 
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measurements for the first track are 0 and 1 , all possible measurements 0, 2 and 3 for 
the second track remain as indicated by there being three child nodes for the two 
second level nodes on the left hand side of the tree 100. However, when a possible 
measurement for the first track is 2 or 3, a possible measurement 2 or 3 for the second 

5 track is eliminated because it has already been used once. This is indicated by there 
being only two child nodes for the two second level nodes on the right hand side of the 
tree 100. When all tracks have been addressed, the nodes at the fifth level 120 
represent the set of valid track/measurement associations. The extreme left hand node 
• represents all the tracks being associated with the dummy track, and the extreme right 

10 hand node represents tracks 1 to 4 being associated with measurements 3, 2, 4 and 0 
respectively. 

The tree 100 illustrates the rapid (exponential) rise in the number of possibilities as 
tracks increase. The prior art (see Zhou et al. previously mentioned) discloses an 
approach to reducing the rate of rise in the number of possibilities: this is illustrated 

15 schematically in Figure 9 as a tree lOOz and is based on the same track numbers and 
gated measurement indices as before. In this drawing, parts equivalent to those 
previously described are like-referenced with the addition of a suffix z. Figure 9 is 
equivalent to Figure 8 with deletion of some links (relationships) between nodes, 
addition of other links and relabelling of nodes. The following description will address 

20 aspects of difference between these drawings only. In Figure 9, deletion of links 
appearing in Figure 8 represents real measurements no longer available due to previous 
use, and addition of a link represents an equivalent calculation. Links (e.g. 114z, 118z) 
associated with all Os have unlabelled nodes to indicate that the associated dummy 
measurement does not become unavailable after use, unlike real measurements. Other 

25 nodes are labelled with one or more indices representing the measurement(s) used up 
to and including the node in each case and therefore subsequently unavailable to 
respective children nodes. 

In a second level 108z of the tree lOOz, there is one dummy measurement node labelled 
0 and three nodes labelled 1 , 2 and 3 indicating use of measurements indexed 1 , 2 and 
30 3 respectively. However, use of measurement 2 in the second level IO82 is associated 
with the same calculation as use of measurement 2 in a third level 11 2z, and to indicate 
this the corresponding nodes are joined by a link 123. Similarly, second and third level 
nodes 3 are associated with the same calculation and are joined by a link 125. Nodes 
may be labelled with more than one measurement index and be linked to like-indexed 
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nodes, e.g. fourth and fifth level nodes labelled 2, 3 and 4. In the fifth level 1202, an 
extreme left hand node labelled 0 corresponds to all four tracks being associated with 
the dummy or 0 measurement, and an extreme left hand node labelled 1,2,3 and 4 
corresponds to all four tracks being associated with a respective real measurement. 
5 Similar remarks apply to other nodes. It will be appreciated that there are nodes with 
multiple children nodes corresponding to different permutations of tracks using the same 
combination of measurements. 

The prior art described with reference to Figure 9 exploits the fact that the order in which 
measurements are used during progress down the tree has no effect on which 

10 measurements remain unassigned and therefore available for association with 
subsequent tracks. The same calculations may therefore be carried out only once by 
storing a respective set of measurements assigned up to each node in the tree. Figures 
8 and 9 show that the tree 100z has appreciably fewer nodes and relationships 
compared to the tree 100, and the tree 100z therefore represents a reduction in 

15 computation. However, it can be shown that the tree lOOz still grows at a rate which is 
asymptotically (tends to) exponential in terms of track numbers and corresponding to an 
undesirably high computational burden for a conventional computer system. 

US Pat. No. 5,537,"119 exploits an approach related to that described to find a best 
possible joint event, I.e. a sequence of track/measurement associations as illustrated in 

20 Figure 8 for example. This calculation relates to enumeration of joint events (both sum 
and maximum) and has some redundancy, so that it is possible to devise methods for 
finding the best joint event without explicitly enumerating all possible joint events. 
Exploitation of an explicit realisation of this redundancy is disclosed by Y. Li and A. 
Hilton, "Towards reliable real-time multiview tracking", Proc of IEEE Workshop on Multi- 

25 Object Tracking, July 2001. This realisation is in the context of finding the best joint 
event, which prohibits nodes in the search tree being explored more than once. As in 
Zhou et al. previously mentioned, the equivalence is in terms of measurements used. 

The computer-implemented track talking stage 14D of the invention will now be 
described in more detail. In its order tragks stage 80, a pre-processing step available in 
30 the literature is implemented to divide tracks into clusters: see J R Werthmann, "Step- 
by-Step Description of a Computationally Efficient Version of Multiple Hypothesis 
Tracking", Proc. Signal and Data Processing of Small Targets, pages 288 - 300, 1992. 
The clusters are defined such that a cluster's set of measurements has no intersection 
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With other clusters' sets of measurements. Here an intersection of two sets means one 
or more set members - in this case measurements - which the sets have in common. 
Each of these sets of measurements is the union of all measurements surviving gating 
at 56/58 for all tracks within the cluster. The union of multiple sets is defined as a set 
5 which contains all members of the multiple sets subject to no member occurring more 
than once. 

Referring now to Figure 10, the clustering process in order tracks stage 80 begins at 130 
by defining a set of clusters (lists of tracks and associated gated measurements) as a 
data file in a computer system (not shown) implementing the process: the set of clusters 

10 Is empty initially. For the purposes of the following description, a "measurement" is 
represented by an index 0, 1, 2, 3 or 4 as previously described with reference to Figures 
8 and 9. For each track in turn, at 132 the computer system finds the intersection 
between measurements in the track's probabilistic association vector and the 
measurements in each cluster, dummy measurements being excluded from this. If there 

15 are no intersections, which is the case for the first track to be considered as the cluster 
set is initially empty, the computer system creates a new cluster with the set of gated 
measurements for the track. If at 134 there are one or more intersections between 
clusters, then at 136 the pair of clusters with the only intersection (if orily one) or biggest 
intersection (if more than one) is found, and at 138 it is replaced with a single composite 

20 cluster with the union of the clusters' tracks and the union of the clusters' measurements 
and those of the tracks. At 140 the computer system calculates intersections once more, 
and at 142 it checks to see if any remain. If one or more intersections remain, the 
computer system iterates steps 134 to 140 via a loop 144. Iteration proceeds until no. 
more intersections remain at 142, whereupon clusters as modified are output at 146. 

25 This provides clusters each having tracks and measurements not repeated in another 
cluster. 

Table 2 



Track Number 


Gated Measurement Indices 


4 


0.4 


1 


0.1,2.3 


3 


0. 3. 4 


2 


0, 2.3 
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The next stage is to subject the tracks in each cluster to an ordering process. Table 1 
previously given is repeated above as Table 2 for convenience with tracks relocated to 
require ordering. Table 2 therefore represents a single cluster. 

To reduce computational expense, tracks should be ordered to reduce the number of 
5 nodes which will be created. The ordering process starts with a cluster, i.e. a set of lists, 
to be ordered by the computer system, each list (a row in Table 2) consisting of an index 
identifying the relevant track and that track's gated measurements: 

e.g. if track index = {set of gated measurements} 

then track 4 = {0,4}; track 1 = {0,1 ,2,3}; track 3 = {0,3,4}; and track 2 = {0,2,3}; 

10 The computer system compares the lists with one another in pairs and calculates their 
intersections (gated measurements common to two lists). The dummy measurement 
index 0 is ignored in this intersection operation, as it is present in each track's list. The 
list pair with the greatest number of intersections is then selected; the gated 
measurements of the pair are combined by appending the first list to the second list and 

15 deleting any replications of measurements. This pair is then replaced by their combined 
list and labelled with the two track number labels concatenated together, e.g. tracks x 
and y become xy. In other words, the computer system combines two tracks whose set 
of gated measurement intersections has maximum cardinality and replaces the two lists 
with the union of the sets. For example, 

20 if x**y represents the comparison of tracks x = (0, a, b, c, d} and y = {0. a, b, c} yielding 
the intersections {a, b, c} then comparing tracks 1 to 4 in pairs: 

r*2 = {2, 3}; r*3 = {3}; 1**4 = 0; 2**3 = {3}; 2**4 =0; 3**4 = {^}, where 0 denotes the 
empty set, i.e. a list containing zero elements. 

The cardinality of the list |1**2| = 2 and is the maximum, because other lists |1**3| etc, 
25 all contain less than two elements. The amended list of tracks becomes: 12 = {0,1,2,3}; 
3 = {0,3.4}; 4 = {0,4}. 

The next step is to compare the track pairing 12 with tracks 3 and 4 individually and 
tracks 3 and 4 with one another: 

30 i.e. 12**3 = {3}; 12**4 =0; 3**4 = {4}. (39) 
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This gives a further amended list: 12 = {0.1.2.3}; 34 = {0.4}. The final pairwise 
comparison of 12 and 34 results in ordering of the tracks as a sequence 1234. as can be 
verified to be correct from Table 1 . 

The make net stage 82 of the invention follows the order tracks stage 80. It is different 
to the prior art because it does not label nodes with rrieasurement indices to which they 
relate. Instead it labels nodes with what is referred to as an "identity", which will be 
defined later. This enables a considerable reduction in processing burden in the 
computer system, as will become clear. To reflect the fact that the invention does not 
produce a prior art tree 100/IOOz. what Is produced Is referred to as a net. It takes as 
input an ordered list of tracks in a cluster and outputs for the cluster a net representation 
of possible track/measurement associations of the kind described earlier. In accordance 
with this Invention, the nodes for the jth track represent valid track/measurement 
associations possible for this track, and. in addition, for all subsequently processed 
tracks, not merely associations of the j tracks/measurements considered up to and 
including the jth track. The resulting net can be thought of as describing possible routes 
down the tree in Figure 8. 



Referring to Figure 1 1. the make net stage 82 has a preprocessing stage in which a set 
of accumulated measurements is created for each track. This stage is begun at 160 by 
the computer system iterating in reverse order through the list of tracks received from 
the order tracks stage 80. Here reverse order means iterating through the ordering 
deduced at 80. starting with the last track in this ordering and ending with the first such 
track, i.e. track 4 In Table 1. and continuing with tracks 3, 2 and 1 In succession. This 
creates a set of accumulated measurements for each track at 162, the set being a list of 
the union of measurements for use In processing remaining tracks. At each stage of the 
25 iteration, a respective current track is considered: the current track has accumulated 
measurements which are defined as the. union of accumulated measurements for a track 
processed in an iteration (if any) Immediately preceding the current iteration and gated 
measurements for that track. In other words, the gated measurements of a track (if any) 
processed immediately before the current track are added to those of any earlier 
processed tracks with replications of measurements omitted. In implementing the union 
operation of accumulated and gated measurements, the dummy measurement index 0 
is omitted by the computer system. Denoting accumulated measurements for track x as 
acc(x) and 0 as the empty set. then for track 4. since there is no track processed in an 
immediately preceding iteration. acc(4) is calculated at 162 as: 
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acc(4) = 0 (40) 

At 164 the computer system checks whether or not any track remains (yes in this case), 
and if so it iterates via a loop 166 back to 160 for processing of track 3. For track 3. 
there are now both accumulated measurements (acc(4)) for a track (track 4) processed 
5 In an immediately preceding iteration and corresponding gated measurements {0,4} for 
the latter track. Denoting the union operation by "++" and dropping the dummy 
measurement 0, accumulated measurements acc(3) for track 3 are calculated at 1 62 as: 

acc(3) = acc(4)++{0,4} = {4}: (41) 

Similarly, iteration round the loop 160 to 164 continues for tracks 2 and 1 to produce: 

10 acc(2) = acc(3)++{0,3.4} = {3,4}; (42) 

acc(1) = acc(2)++{0,2.3} = {2,3.4}. (43) 

The accumulated measurements acc(4) etc. are then output from the illustrated 
procedure at 168. The accumulated measurements for a track represent the combined" 
measurements (deleting replications) within the gates of subsequent tracks which are as 
15 yet unprocessed in the process of building a net. as will now be described. 

Referring now to Figure 1 2, there is shown a flow diagram of computer system operation 
for building a net in a second part of step 82. The accumulated measurements acc(1) 
etc. are input at 170 from 168 (not shown), and arranged for processing in forward 
order, i.e. iterating through the deduced ordering, starting with the first ordered track and 
20 ending with the last ordered track. In this example the order is track 1 . 2, 3, 4 as in Table 
1. 



At 172, track 1 is initially selected for a first iteration: At 174 the computer system checks 
whether or not a track ("previous track") has already been processed, which is not the 
case for track 1 . At 176 a first gated measurement is selected for track 1 , and a check is 

25 made at 178 to see if assigning this measurement to the first track would violate any of 
the assumptions (one track per measurement and one measurement per track). Since 
no measurement assignments have been made, the assumptions are not violated and at 
180 the computer system checks whether or not there is a next measurement. If so, 
iteration of measurements for the relevant track proceeds via a loop 182 back to 176. If 

30 not, at 184 the computer system checks whether or not there is a next node for the 
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previous track. If there is a next node, iteration of previous track nodes for the relevant 
track proceeds via a loop 186 back to 174. If not, at 184 there is a check for a next track 
remaining to be processed. If there is a next track, iteration for this proceeds via a loop 
1 90 back to 1 72. If not, iteration ends at 1 92, 

5 At 178 the computer system checks whether or not assumptions have been violated. It 
is done by not considering any measurement indices for the current track that are within 
the parent node's identity. The make net process 82 proceeds at 194 with the computer 
system calculating a child node identity. In this connection, by analogy with the trees 
100/IOOz, for a child node the net has one or more parent nodes created in the 

10 immediately preceding iteration (if any) for a track higher than the current track in Table 
1 or a start node (if no preceding iteration). At each iteration, a respective new child 
node is proposed for each gated measurement of the current track indicated by a 
respective index and element in the track's probabilistic association vector. Each child 
node is given a respective identity. The identity is an indication of how measurement 

15 assignments made for tracks already considered affect assignments for tracks 
remaining to be considered. For a current track, the accumulated measurements then 
represent those ^measurement assignments for remaining (i.e. as yet unprocessed) 
tracks that can be affected by a measurement assignment for the tracks up to and 
including the current track. 

20 At 194, a new child node is proposed for the first track. For this node, a child node 
identity is obtained by combining the measurement index associated with the child (that 
of the relevant gated measurement) with the identity of its parent, deleting any 
replication, then comparing this combination with the indices of the current track's 
accumulated measurements and selecting those indices common to both, in 

25 mathematical terms, the child node identity is calculated as the intersection of the 
current track's accumulated measurements with the union of the identity of the parent 
node under consideration and the measurement index to be implemented by the child 
node in this iteration. The symbols "n" for the set intersection operation and "U" for the 
set union operation will be employed in expressions used to build a net. For a current 

30 track Tj with a kth measurement index m^ in a set of K measurement indices {m, to mn}, 
accumulated measurements acc(j) and an identity Ip of a parent node under 
consideration, an identity Ich of a child of that parent is given by: 

Ich = acc(j)o( IpUmi,) ^44^ 
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The parent node identity Ip expresses the effect on measurement choices for the child 
node of any and all measurements employed in generating the parent. Its union with a 
measurement (index m^ expresses the extension of a relationship (expressed as the 
measurement index) from the parent to the child node. Finally, the intersection of the 
5 parent/measurement union with the accumulated measurements expresses one or more 
measurements among those previously available but becoming unavailable by virtue of 
the current measurement assignment mk at the current child node. 

Because child nodes become parent nodes later, the effect of the union IpUmk in 
Equation (44) is cumulative down the net. Consequently, the proliferation of nodes which 

10 occurs in .the prior art (see e.g. level 120 in Figure 8) is reduced. Equation (44) 
expresses an identity as one or more measurements that have been assigned to tracks 
and are therefore unavailable for use by its children, grandchildren etc. nodes. Other 
identities can be used with equivalent effect on reduction of processing burden, e.g. the 
identity may indicate one or more measurements that have not been assigned to tracks 

15 and therefore remain available for use. 

. In this, and subsequent operations in make net 82, the dummy measurement index 0 is 
included in both the union and intersection operations - these being standard 
mathematical set operations. The union and intersection operations previously defined, 
i.e. ++ and ** respectively, could also be used, because the accumulated measurements 
20 do not include the dummy 0 measurement index in this case. 

Before a proposed child node is actually created by adding it as a new node to the 
evolving net, at 198 the computer system checks whether or not it has the same identity 
as a first child node already created for the first track. If such a child node has in fact 
already been created, then instead of creating another, the proposed child node is 

25 represented at 200 by an additional relationship linking the parent node and the existing 
child node to add to the or each such relationship established earlier. This greatly 
simplifies the net structure. The relationship is labelled with the measurement index 
associated with the proposed child node, this label being in addition to labels acquired 
earlier. Links between nodes may therefore acquire multiple relationships indicated by 

30 respective measurement indices, and the relationships for each track are stored 
together. Unlike the prior art, nodes are no longer labelled with measurement indices but 
instead with identities, and measurement indices are instead ascribed to relationships or 
links between nodes. 
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The proposed child node Is now discarded If a first earlier child node exists with the 
same identity. If the proposed child node and first earlier child node do not have the 
same identity, then at 202 the computer system enters a loop to check whether or not 
there Is another earlier child node for the first track for identity comparison with the 
proposed child node. If there is no other earlier child node, then at 204 the proposed 
child is created as a new child node with a relationship to its parent labelled with the 
measurement index associated with the child node. If there is another earlier child node, 
the computer system iterates 196/198/200 or 196/198/202 once more until the proposed 
child node becomes represented by a new relationship or a new node. 

When a new relationship or node is created at 200 or 204, at 180 the computer system 
checks for a next measurement for track 1 . which has four measurements in its gate. In 
the make net stage 82. the computer system therefore cycles four times round the loop 
176. 178, 194 to 200 or 204. 180. 182. for track 1 until no track 1 gated measurements 
remain unconsidered. After this, the computer system receives a no next measurement 
at 180. and at 184 checks for a next node of the previous track. There is no previous 
track for track 1. so there is no next node. Processing therefore moves to 188. where it 
is confirmed that a next track (track 2) Is available, and a signal passes via the link 190 
to 172 input track 2. Track 2 Is dealt with in the same way as track 1. the only difference 
is that track 1 now constitutes a "previous track". Track 1 has four gated measurements, 
0, 1. 2 and 3, but other tracks don't have gated measurement 1. which is therefore 
equivalent to 0 as far as they are concerned. For track 1 therefore gated measurements 
0 and 1 are treated as two associations for a single node, and gated measurements 0 to 
3 give rise to three nodes not four. Consequently there are three iterations via 174 for 
track 2. Similarly, there will be two iterations via 174 for track 3 and two iterations via 
174 for track 4. After track 4 has been considered, the net has been built as a set of 
nodes labelled with identities and linked by one or more relationships in each case, and 
Iterations end at 1 92. 

To summarise, the invention introduces the novel approach that a new node for the jth 
track (of which there are Nt) is not created if an existing node for the jth track can result 
in the same set of valid track/measurement associations possible for the Nr-j remaining 
tracks. If such a node exists already, then it is added to the list of children nodes of the 
parent node and the parent added to a list of the child node's parents which is stored 
The track/measurement association is then used to label the parent-child relationship to 
wh.ch it gave rise; hence there can be multiple connections (relationships) between the 
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same pair of parent and child nodes as a result of different measurement choices that 
give rise to the same set of valid possilple track/measurement associations for the 
remaining tracks. The result is a net of interconnected nodes labelled with intersections 
as defined above connected by links each labelled with one or more relationships. 

5 Figures 13A to 13E show successive stages in the construction of a net 100i in 
accordance with the invention for tracks and associated measurement indices shown in 
Tablet, i.e.: 

T1: {0 1 2 3}; T2: {0 2 3}: T3: {0 3. 4}; andT4: {0 4} 

In Figures 13A to 13E, parts corresponding to those described earlier are like referenced 
10 with suffix z replaced by i. Repeating the results of Equations (40) to (43) for 

convenience, i.e. accumulated measurements for track x being denoted as acc(x): 

acc(1 ) = {2,3,4}; acc(2) = {3,4}; acc(3) = {4}; and acc(4) = 0; 

Repeating Equation (44) here for convenience, for a current track Tj with a kth 
measurement index mk in a set of K measurement indices {mv to mK}, accumulated 
15 measurements accQ) and an identity Ip of a parent node under consideration, an identity 
Ich of a child of that parent is given by: 

Ich = accO)r^( IpUmk) (44) 

where and U are the set intersection and union operations. Figure 13A shows a first 
stage of building the net lOOi, and relates to building child nodes for track 1 at a second 
20 level 108i beginning with a start node 102i at a first level 104i. For track 1, 
acc(1) = {2,3,4}, the parent node is the start node 102i with Ir = 0, and there are four 
(K = 4) measurement indices mk. 0,1,2 and 3. 

The identities of children nodes for track 1 with start node 102i as parent are given by 
evaluating Equation (44) for respective measurement indices 0, 1 , 2 and 3 in turn. This 
25 is set out in Table 3 below, where "Expression" means the right hand side of Equation 
(44) with parameters inserted. 
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Table 3: track 1 



Measurement Index rrii, 


Parent Identity 


Expression 


Child Node Ich 


0 


0 


{2.3,4}n (0UO) 


0 


1 


0 


{2,3,4}o (0U1) 


0 


2 


0 


{2.3,4}n (0U2) 


2 


3 


0 


{2,3,4}o (0U3) 


3 



From Table 3, evaluating the Expression for each measurement index results in child 
node identities 0 twice. 2 and 3, i.e. three different identities one of which is repeated. In 
Figure 13A, from parent node 1021, new child nodes with Identities 0, 2 and 3 are 

5 created for measurement indices 0, 2 and 3 of track 1 at second level 1081: these nodes 
are shown linked to the parent or start node 102i with relationships shown as lines 
labelled with the respective measurement indices 0, 2 and 3 giving rise to them. It is now 
recalled that a child node is not created if there already exists a child node for the same 
track with the same identity, but instead a relationship is added. Consequently, a 

10 proposed child node which would have corresponded to measurement Index 1 |s 
omitted, and instead a second relationship (shown as a second line) labelled with this 
index is added to the link to node 0. 

As has been said, other forms of identity can be used with equivalent effect. E.g. an 
identity indicating measurements that have not been assigned would give child node 3 in 
15 Table 3 an identity (2,4), which also illustrates the fact that an identity may comprise 
more than one measurement index. 

Figure 13B shows a second stage of building the net 1001, and relates to building new 
child nodes for track 2 at a third level 1121. To simplify illustration, only single lines are 
shown for relationships of the preceding stage to level 1081, and multiple relationships to 
20 a node are now indicated for the first stage by multiple relationship indices 0,1 . For track 
2, acc(2) = {3.4}, parent nodes are first level nodes with Ip = 0, 2 and 3, and there are 
three (K = 3) measurement indices mk, 0, 2 and 3. The identities of children nodes for 
track 2 are given by evaluating Equation (44) for each combination of measurement 
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index 0, 2 and 3 and parent Ip = 0, 2 and 3 provided that the use of measurement 
assumptions are not violated, as set out in Table 4 below. 



Table 4: track 2 



IVI^flQi iri^m Ant InHov m. 
ivi^aoui oil Id 11 iiivJcA iii|^ 


rareni laeniliy 


Expression 


Child Node Ich 


0 


0 


{3,4)r» (0UO^ 




2 


0 


{3,4)n (0U2) 


0 


3 


0 


{3,4}n (0U3) 


3 


0 


2 


{3,4}n (2U0) 


0 


2 


2 


{3,4}n (2U2) 


0 


3 


2 


{3,4}n (2U3) 


3 


0 


3 


{3,4}n (3U0) 


3 


2 


3 


{3,4}n (3U2) 


3 



From Table 4, evaluating the Expression for each measurement Index and each parent 
5 identity (leaving assumptions inviolate) results in child node identities 0 four times and 3 
four times, i.e. two different identities both of which are repeated. By analogy with earlier 
description, new child nodes with identities 0 and 3 are created at the third level 1 12i. 
Of these, child node identity 0 has two relationships with second level parent node 0 
and two further relationships with second level parent node 2, for measurement indices 
10 0 and 2 in both cases. This is represented by pairs of lines linking parent and child 
nodes in the second and third levels respectively. Third level child node identity 3 has 
one relationship with second level parent node 0 (measurement index 3), one with 
second level parent node 2 (measurement index 3), and two with second level parent 
node 3 (measurement indices 0 and 2). These are represented by two single lines 
15 linking parent and child nodes in the second and third levels 1 081 and 1 12i respectively. 

Figure 13C shows a third stage of building the net lOOi with new child nodes at a fourth 
level 1161 for track 3. Single lines are shown for relationships of preceding stages to 
• level 1 12i, and multiple relationships by indices. For track 3. acc(3) = {4}, parent nodes 
are third level nodes with Ip = 0 and 3, and there are three (K = 3) measurement indices 
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rrik, 0, 3 and 4. The identities of children nodes for track 3 for combinations of 
measurement indices and parent identities are set out in Table 5 below. 



Table 5: track 3 



Measurement index nrik 


Parent Identity 


Expression 


Cliild Node identity ich 


0 


0 


{4}n (0UO) 


0 


3 


0 


{4}n (0U3) 


0 


4 


0 • 


{4}r> (0U4) 


4 


0 


3 


{4}n (3U0) 


0 


4 


3 


{4}n (3M4) 


4 



From Table 5, evaluating the Expression for each measurement index and each parent 
identity results in child node identities 0 three times and 4 twice, i.e. two different 
identities both of which are repeated. New child nodes with identities 0 and 4 are 
therefore created at a fourth level 116i. Of these, child node identity 0 has two 
relationships with third level parent node 0 and a single relationship with third level 
parent node 3: these relationships are indicated by pairs of parent-child connecting lines 
labelled with measurement indices 0 and 3 for the parent identity 0, and a single line for 
the relationship constructed from the parent identity 3. Fourth level child node identity 4 
has one relationship with second level parent node 0, and one with second level parent 
node 3, both relationships being measurement index 4, 

Figure 13D and Table 6 constitute the track 4 equivalent of the like for earlier tracks, and 
will not be described in detail. Track 4 results in a single node with identity 0 in a fifth 
level 1201: this has a pair of relationships with fourth level parent node 0'and a single 
relationship with fourth level parent node 4: these relationships are labelled with 
measurement indices 0 and 4, and 0, respectively. 
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Table 6: track 4 



Measurement Index itik 


Parent Identity 


Expression 


Child Node Identity Ich 


0 


0 


0o (0UO) 


0 


4 


0 


0n (0U4) 


0 


0 


4 


0n (4U0) 


0 



The completed net 100i is shown in Figure 13E: here all relationships are indicated by 
single lines with one or more associated measurement indices. The advantage provided 
5 • by the invention can be seen by comparing Figure 13E with the prior art of Figure 9. 
from which the reduction in signal processing burden is evident from the simpler 
structure of Figure 13E. In fact it can be shown that the rate of rise of signal processing 
burden in the computer system with increase in number of tracks is much lower for the 
invention compared to the prior art. 

10 As shown in Figure 13E. each node is associated with one or more relationships, and 
each node therefore represents a set of valid tracl^/measurement associations. Each 
relationship represents a single valid track/measurement association. The net 1001 
terminates in a single node 1031 with identity 0. Although a node in the- net lOOi 
sometimes represents several nodes of the exhaustive tree 100 with common node 

15 structure underneath, the probability calculations for the nodes with common 
substructure is also the same: this enables repetition of probability calculation to be 
avoided and reduction in processing burden in accordance with the invention. 

It should be emphasised that the net 1001 (and also each of the trees 100 and lOOz) is a 
convenient conceptualisation in diagrammatic form. It is not necessary to draw such a 

20 net in practice. In processing in accordance with the Invention, as illustrated in Figure 
1(a), the computer system is used to automate generation of node identities and 
internode parent-child relationships for tracks as illustrated in the net lOOi. In "building 
the net" what the computer system actually does is store track numbers, associated 
node identities and internode relationships (measurement indices) for subsequent use in 

25 generating updated probabilistic association vectors as will be described later. 

The advantage provided by the invention arises out of its avoidance of proliferation of 
child nodes with the same identity for the same track: this identity allows the 
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determination of nodes (for a given track) that have connmon sub-structure in the 
exhaustive tree of Figure 8. If parent nodes with the same identity are expanded out into 
child nodes, the same node sub-structure results in each case. See e.g. in Figure 8 the 
two first level nodes 108 indexed 0 and 1 which both have identical child, grandchild, 
5 and great-grandchild nodes. Instead of expanding'out these same node structures more 
than once, in accordance with this example of the invQntion the common node structure 
they share is created once only and its replication is represented by recordal of 
repetitions ("relationships") instead of addition to a tree. 

The forwards pass stage 84 follows the make net stage 82. It is a modification of a 
10 forward pass component of a known fon/vard - backward hidden Markov model algorithm 
to enable it to cater for a varying number of nodes for each track. See L R Rabiner and 
B H Juang, "An Introduction to Hidden Markov Models", IEEE Acoustics, Speech and 
Signal Processing Magazine, pages 4-16, January 1986. Starting with a first track, the 
tracks are processed in turn. 

15 Each relationship extending from a parent node number n^^i (for the y-lth processed 
track or jth net level) down the net 100i to a child node number uj (for the yth processed 
track) has a forward weight Pririj). The f onward weight ppinj) is calculated by the 
computer system by multiplying a weight pi>^jR{n'j,^,nj)) the track/measurement 
association which the relationship Indicates by a forward weight pp{n'j_^ ) for a parent 

20 of the node. A child node may have multiple parents, grandparents etc., and the same 
parent node can occur more than once In a child node's list P{nj) of parents etc., in 

which case Pp^nj^x) Pi^ jroi'j^^^j)) i^'j-i) would be summed for each of these 

occurrences. For each track and for each child node, the node forward weight Pfirij) 

is produced by the computer system by summing over all relationships extending down 
25 the net 1001 to the relevant child node in each case: i.e.: 
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where n'j^^e P{nj) indicates the summation is over only those values of n'^.j which are 
in a child node's list P(ny) of parents, and p(^yy/?(nv_,.np) 's a weight reflecting the 
probability that track j has a relationship /?(n'y_| ^rij) (a measurement index with a 
weight from the probabilistic association vector prior to modification) between the 
5 relevant child node number rij and its n'^^ith parent node. 

Referring now to Figure 14, there is shown a flow diagram of computer system operation 
for the fonwards pass stage 84. Beginning at a top or start first level node 102i this node 
is initialised at 220 by assigning it a fonA/ard weight of unity. A first loop is then entered 
at 222 in which tracks are selected iteratively. Track 1 is selected on a first iteration, and 

10 then a second loop is entered at 224 in which in the nodes of track 1 (i.e. in the second 
level 108i) are selected iteratively. At 226 a current node under consideration is 
initialised by setting its node fonward weight Pfiuj) to zero. This forward weight is then 
calculated as the parent's fonward weight multiplied by the probability of the respective 
relationship giving rise to the node, or if the node has two or more such relationships by 

15 the sum of the relationships' probabilities. A third loop beginning at 228 is entered in 
which in relationships between the top node 102i and the track 1 node being considered 
are selected iteratively if more than one and solely if not. 

The effect of a first relationship is calculated at 230 as one of the products being 
summed on the right hand side of Equation (43). and it becomes the first term in the 
summation. At 232 iteration of the third loop begins for the second relationship down to 
the node (if it has one) via a link 234. The third loop 228 to 234 iterates until forward 
weights for all relationships (two in this case) down to the first node (0) of the first track 
(track 1) have been evaluated and summed using Equation (43) to produce a first node 
forward weight of the kind ppinj) , which is a general expression for the forward weight 
to the Hj th node of the /Ih track. 

At 236 the second node of the first track is selected and via a link 238 the second loop 
224 to 238 iterates over second node relationships (only one in this case) to produce 
another node forward weight. This loop is iterated until all first track nodes have been 
considered, at which point the process 84 moves to a step 240 with a link to the track 
30 select step 222 in the first loop 222 to 242 and the second track is selected. The first 
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loop 222 to 242 iterates over each of the subsequent tracks 2 to 4 in turn to produce 
respective node forward weights for each node In the net I00i other than the start node 
102i. 

The backwards pass stage 86 follows the fonwards pass stage 84. and is similar, except 
that weights are calculated up the net 1001 instead of down it. It is a modification of a 
backwards pass component of the forward - backward hidden (Markov model algorithm 
of Rabiner et al. (see above) to enable it to cater for a varying number of nodes per 
track. Each relationship extending from a "child-of-chiid" node number (for the 
/+1th track or j+2th net level) up the net 100i to a child node number rij (for the/lh track) 
has a backward weight. The backward weight of a relationship is calculated by 
multiplying the weight P(W(y+,)/j(„..„..^,)) of the track/measurement association (which 
the relationship R(nj,n'j^^) indicates) by a backward weight Pein'j^i) of a 
relationship between a chiid-of-child node and a grandchiid-of-child node of the child 
node in each case. For each track and for each child node, the backward weight up to 
15 the child node is summed over all relationships up to it, i.e.: 

PB(nj)= PK;+l)/?(«,,,v,))/?5(n'y+i) (46) 

where n'^.., e C(n^ ) indicates the summation is over only those values of appearing 
in a child node's list C(nj) of children, in which here again an Individual node .can 
appear more than once. 



Referring now to Figure 15. there is shown a flow diagram of computer system operation 
for the backwards pass stage 86. It is very similar to the flow diagram for the fonwards 
pass stage 84. but it is calculated up the net 1001 and initialisation is somewhat different. 
Beginning at a lowermost node 103i (see Figure 13E). a backward weight is initialised 
by setting it to unity. A backward weight for a node is defined as a sum of weights of 
relationships going upwards to the node each multiplied by an associated child node 
backward weight. A first loop is then entered at 322 in which 'tracks are selected 
iteratively in reverse order. Here reverse order means iterating through the ordering 
deduced at 80, starting with the last ordered track and ending with the first ordered 
track, i.e. track 4 in Table 1. and continuing with tracks 3. 2 and 1 in succession. 
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However, the bottom node 102i is associated with track 4. and its initialisation to unity 
means that track 4 need not be considered further. Track 3 is therefore selected on a 
first iteration, and then a second loop is entered at 324 in which in the nodes of track 3 
(I.e. in the fourth level 116i) are selected iteratively. At 326 a current node under 
consideration is initialised by setting Its node backward weight p^inj) to zero. 

A third loop is entered at 328 in which relationships between the bottom node 1031 and a 
first track 3 node being addressed are selected iteratively. The effect of a first 
relationship Is calculated at 330 as one of the products being summed on the right hand 
side of Equation (43). and it is added to an accumulating sum which was initially zero 
prior to Iteration beginning. At 332 Iteration of the third loop begins via a link 334 for the 
second relationship up to the first track 3 node. The third loop 328 to 334 iterates until 
backward Weights for all relationships (two in this case) from bottom node 1031 up to the 
first node (0) of track 3 have been evaluated and summed using Equation (43). This 
produces a track 3 first node backward weight of the form p«(„p. which is a general 
expression for the backward weight to the nj th node of theylh track. 

At 336 the second node (4) of track 3 Is selected, and via a link 338 the second loop 324 
to 338 Iterates over a second node relationship (0) to produce another node backward 
weight. This loop has. now Iterated over all (both) available track 3 nodes, at which point 
the process 86 moves to a step 340 with a link to the track select step 322 in the first 
loop 322 to 342 and the second track is selected. Similarly, the first loop 322 to 342 
Iterates over each of the subsequent tracks 3. 2 and 1 in succession to produce 
respective node backward weights for each node In the net 1001 other than the start 
node 1 031. 



The sideways pass stage 88 follows the backwards pass stage 86. It is a sideways 
recursion which Is used in accordance with the invention to derive updated probabilistic 
association vectors (the required output of the track talking stage 14D). For this stage It 
Is necessary to define a through node weight p.,(m,\nj) as a weight with a 
relationship of measurement index m, through child node number nj.a through node 
weight is the backward weight p^irij) of the child node multiplied by the weight 
PC^y^) (referred to earlier asp(fl;^,)) associated with the relationship m,. from the 



wo 2005/003812 



PCT/GB2004/002703 



52 

probabilistic association vector prior to updating and by a fonward weight 
which is a sum over weights of relationships between the child node and 
each parent node in its list of parent nodes, i.e.: 

Pihimi\nj) = pg{nj)pi(Oj„.)p^imi,nj) (47) 
where: pj:pimi,nj)= ^Pfin'j.O (48) 

rt'y_|e/>(iiy).R(n'y_,,n^)=m, . 

and where: n'j.^&Pijij) indicates the Equation (48) summation is over only those 
values of n'^., which are in a child node's list P(ny) of parents, and R(n'j_i ,nj) is a 
relationship (measurement index m, ) between the n^th child node (jth track) and the 
n y^i th parent node (j-1th track) limiting the summation to relationship m,- . 

Because Pj,p{m^,nj) in Equation (47) is a sum over weights of relationships, Equation 
(45) itself can be evaluated as a suin of contributions PBi^j)p(coj^^)pj,(n'j_i) 
associated with individual weights of relationships Pf^{n'j^^); i.e. Equation (45) can be 
expressed as: 

Prh ('^/ I nj ) = Pq {nj)p{C0j,„. ) ^ (n^ , ) (49) 

n y F Otj )./?(« y _i , rij )=m^ 

As Will be described with reference to Figure 16 below, it is convenient to derive 
Pthi^i I «y) using Equation (49). 

After obtaining through node weights for every node in the net lOOi other than top node 
102i, the updated probabilistic association vectors required from track talking stage 14D 
may now be calculated. This is carried out firstly by calculating an unnormalised weight 

PpAv(f^i\j) : this weight is associated with measurement index in the updated 
probabilistic association vector of track /, and is given for a track by summing through 
node weights for that track's nodes (of which there are A^^ . ). i.e.: 
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Pmv = 2^ p,^ inti I Tij ) (50) 

A normalised updated probabilistic association vector weight Pp^yim-^j) or part vector 
element is obtained by summing the left hand side of Equation (50) over all 
measurement indices m, in the updated probabilistic association vector of track number 
5 y, and dividing its left hand side by the result, i.e.: 

2^PpAvvni\j) 



Equation (51) has the effect of providing for weights in each updated probabilistic 
association vector to sum to unity. 



Evaluation of Equation (49) for each measurement Index of a track and associating the 
result with a corresponding measurement index provides a composite vector element for 
the updated probabilistic association vector of that track. Repeating this for the track's 
other measurement indices provides the updated probabilistic association vector for that 
track. Repeating this for all Nt tracks provides the necessary updated probabilistic 
association vectors required for output from the track talking stage 14D for the current 
15 set of measurements. 

Referring now to Figure 16, there is shown a flow diagram of computer system operation . 
for the sideways pass stage 88. A first or track iteration loop is entered at 422 in which 
tracks are selected iteratively in normal (forward) order, i.e. tracks 1 to 4 in succession. 
Track 1 is selected as the current track on a first iteration, and then at 424 a second or 

20 measurement iteration loop is entered. This second loop designates which 
measurement index m,- in a updated probability association vector is associated with the 
weight being calculated. Here a first measurement within the track 1 gate Is selected 
initially, and at 426 its weight is initialised to zero. A third or node iteration loop is 
entered at 428 in which nodes of the current track are selected iteratively starting with a 

25 first node. In a first iteration of this third loop, the first node (index 0) of track 1 is 
selected. 
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A fourth (relationship iteration) loop beginning at 430 is then entered in which each 
relationship between the top node 102i and this first node of track 1 are selected 
iteratively. On each fourth loop iteration, the selected relationship is examined to see if 
its measurement index m, is as designated at the current iteration of the second loop 
beginning at 424. If m,- is as so designated, at 432 a contribution (general form 
PB(nj)p(afji)ppin'j.O) to a through node weight (general form p,ft(m,. |ny)) for a 
first relationship (0) of the first node of track 1 is calculated. If m,- is not as so 
designated, the contribution is treated as being zero. The contribution is added as an 
increment to a stored accumulating sum (initially zero) of such contributions. At 434, a 
check is made to determine whether or not there are any other relationships for the node 
under consideration, and if so iteration proceeds via a link 436 round the fourth loop 430 
to 436 until all have been considered. The first node of track 1 has one other relationship 
(1), so the fourth loop 428 to 436 iterates once more providing a second increment 
(albeit equal to zero in this case) to the accumulating sum at 432. Since there are no 
other relationships for the first node of track 1, the accumulating (now accumulated) sum 
is an evaluation of Equation (47) for the first node of track 1 to give a through node 
weight of the kind /7„,(m,. | n^ ) . At 434 there is now no next relationship, and the 

process passes to stage 438, where the fourth loop accumulated sum provides a weight 
increment for a third loop accumulating sum. 

20 In a succeeding stage 440, a check is made to determine whether or not there are any 
other nodes for track 1, and if so iteration proceeds via a link 442 until all have been 
considered. Since track 1 in this example has three nodes with identities 0, 2 and 3, 
there are a total of three iterations round the third loop 428 to 442. 

When there is no further node unconsidered for track 1. weight incrementation at 438 
25 has ended giving rise to a third loop accumulated sum which represents evaluation of 
Equation (48), an unnormalised probability association vector element of the kind 
ptAv(.mi\j) for the first measurement index and track 1. At 444 this sum stored for the 
current measurement index m, . The next stage 446 is a check to see if there are any 
further measurements in the gate of track 1, and if so the second loop is reactivated via 
30 a link 448 to measurement designation at 424. The second loop iterates until there are 
no further measurements for track 1 , at which point the sums stored at 444 are added 
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together to produce an overall sum by which to divide the p^^v,(m,|;) elements for 
normalisation to implement Equation (51) (Figure 16 does not show addition and 
normalisation explicitly, which are treated as subsumed within 446). This produces a 
normalised probability association vector for track 1. The process passes to a stage 448, 
where a check is made to determine whether or not there are any other tracks. Tracks 2, 
3 and 4 remain, so via a link 452 the first loop 422 to 452 Is reactivated for these tracks 
in succession to produce a respective normalised probability association vector for .each 
of them. The sideways pass stage 88 ends at 454 when there are no more tracks, as 
indeed does the track talking stage 14D. 



The scientific literature provides a number of altematives for process stages described 
in the above specific embodiment. Track components may be Gaussiahs, as in 
algorithms based on the extended Kalman filter. (EKF). EKF-based algorithms are 
known, e.g. algorithms such as a probabilistic data association filter (PDAF) and joint 
probabilistic data association filter (JPDAF) are disclosed by Bar-Shalom al. (see 
above) who also disclose multi-frame assignment (MFA). Another such algorithm for a 
multiple hypothesis tracker (MHT) is disclosed by S. Blackman and R. Popoli in "Design 
and Analysis of Modern Tracking Systems. Artech House, Boston/London. 1-58053-006- 
0. 1999. Higher dimensional generalisations of the PDAF are disclosed by L Y Pao, 
"Multisensor multitarget mixture reduction algorithms for target tracking". Journal of 
Guidance Control and Dynamics. 17, pages 1205-1211, 1994. Track components may 
instead be delta functions, as is the case for an hidden Markov model (HMM) disclosed 
by Rabiner et al. or a particle filter. A particle filter is disclosed by S Arulampalam. 8 
Maskell, N J Gordon, and T Glapp. "A tutorial on particle filters for on-line non- 
linear/non-Gaussian Bayesian tracking". IEEE Transactions on Signal Processing, 50(2). 
25 February 2002. The use of delta functions alters implementation of process stages. 

Blackman et al. also disclose a number of different bases for the track termination 
stagel 40, and alternative approaches to the track Initiation stage 1 4B. 

Bar-Shalom et al. disclose a number of different models for different sensors and 
dynamics. They also disclose ways of conducting mixture reduction such that mixture 
30 reduction stage 52 in track maintenance prior 22 leaves the track unchanged and 
mixture reduction stage 74 in track maintenance post 34 conducts mixture reduction 
relating to model history. It is also known to employ different ways of mixture reduction 
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such that mixture reduction 74 may consider a longer lag of associations to consider two 
components to be in the same set. 

Bar-Shalom et al. also disclose implementing a prediction stage 54 based on 
linearisation (as with the EKF. Another alternative for this stage is a deterministic 
5 sampling scheme, as with the unscented Kalman filter, see S. Julier and J.K. Uhlmann. 
"A new extension of the Kalman' Filter to nonlinear systems." Proc. of AeroSense: The 
1 1th Int. Symp. on Aerospace/Defence Sensing, Simulation and Controls, 1997. 

The scientific literature also discloses a number of alternative Implementations of a track 
talking stage 14D. This stage could involve hard decision logic, as with global nearest 

10 neighbour (GNN) disclosed by Blackman et al. Alternatively it could involve a soft 
decision logic, as with JPDAF disclosed by Bar-Shalom et al. A hard decision logic 
results in one hypothesis for each track getting a weight of one (and all the others a 
weight of zero). The hypotheses are chosen so that the combination of hypotheses 
maximises the cost (often the probability) of the combinations of associations. A soft 

15 decision logic results in modified weights such that the new weight for a given 
hypothesis is the average of all the combinations of hypotheses that include the given 
hypothesis. Previous approaches in both a Kalman filter and particle filter context have 
been called JPDAF and mutual exclusion. Mutual exclusion is disclosed by J. 
MacCormick and A. Blake. "A probabilistic exclusion principle for tracking multiple 

20 objects", Proc. International Conference on Computer Vision, Kerkyra, Kprfu, 1 999. 

These approaches have been assumed to have a computational cost that grows 
exponentially with number of tracks. Other processes such as that disclosed by 
Blackman et al. require the components to have longer association histories associated 
with them and make a lagged hard decision for track talking. Here "lagged" refers to a 
25 decision made over several time intervals or lags. 

The scientific literature has identified that equivalence of nodes can be used to reduce 
computation expense explicitly in a soft decision logic, see Zhou et al. previously 
mentioned. This reduction has also been shown to be achievable in a hard decision 
logic (a) implicitly and (b) explicitly, as referenced below: 

30 (a) G. Carpaneto and P. Toth. Solution of the assignment problem (algorithm 548). ACM 
Trans. Math. Software, pages 104(111, 1980. 
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(b) Y. Li and A. Hilton. Towards reliable real-tinne multiview tracking, Proc of IEEE • 
Workshop on IVIulti-Object Tracking. July 2001. 

The prior art describes a number of methods for implementing association probability 
calculator and reprojection stages 62/70. In Drummond, O.E., "Target Tracking with 
5 Retrodicted Probabilities", Signal and Data Processing of Small Targets 1997, Proc. 
SPIE, Vol. 3163 and Koch, W., "Retrodiction for Bayesian multiple hypothesis/multiple 
target tracking in densely cluttered environment", Signal and Data Processing of Small 
Targets 1996, Proc. SPIE, Vol. 2759. the probabilistic association vectors are in terms of 
the measurements from a previous measurement set, rather than the current 
10 measurement set, and the approaches respectively employ hard and soft decision 
logics. 

The equations and procedures given in the foregoing description can clearly be 
implemented in automated fashion by an appropriate computer program comprising 
program instructions recorded on an appropriate carrier medium and running on a 

15 conventional computer system. The carrier medium may be a memory, a floppy or 
compact or optical disc or other hardware recordal medium, or an electrical or optical 
signal. Such a program is straightfon^vard for a skilled programmer to implement from 
the foregoing description without requiring invention, because it involves well known 
computational procedures. The computer system with such programming may then be 

20 used in combination with any measuring system to assign measurement parameters to 
evolving phenomena such as target tracks to determine trajectories for such 
phenomena, as described with reference to Figures 1(a) and 1(b). 



